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In His Name, be He glorified! And there is nothing but its glorifies Him
with praise.

In the Name of God, the Merciful, the Compassionate.

There is no god but God, He is One, He has no partner; His is the dominion
and His is the praise; He alone grants life, and deals death, and He is living
and dies not; all good is in His hand, He is powerful over all things, and

with Him all things have their end.

Be certain of this, that the highest aim of creation and its most important
result are belief in God. And the most exalted rank in humanity and its
highest degree are the knowledge of God contained within belief in God.
And the most radiant happiness and sweetest bounty for jinn and human
beings are the love of God contained within the knowledge of God. And
the purest joy for the human spirit and the sheerest delight for man’s heart
are the rapture of the spirit contained within the love of God. Indeed,
all true happiness, pure joy, sweet bounties, and untroubled pleasure lie in

knowledge of God and love of God; they cannot exist without them.

From the Risale-i Nur Collection
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ABSTRACT
In recent years there has been a growing interest in setting up the modeling
and solving mathematical problems in order to explain numerous experi-

mental findings which are relevant to industrial applications.

Distributions also known as generalized functions which generalize classical
functions and allow us to extend the concept of derivative to all continuous
functions. The theory of distributions have applications in various fields es-
pecially in science and engineering where many non-continuous phenomena
that naturally lead to differential equations whose solutions are distribu-
tions, such as the delta distribution therefore distributions can help us to
develop an operational calculus in order to investigate linear ordinary dif-
ferential equations as well as partial differential equations with constant

coefficients through their fundamental solutions.

Further, some regular operations which are valid for ordinary functions
such as addition, multiplication by scalars are extended into distributions.
Other operations can be defined only for certain restricted subclasses; these

are called irregular operations.

They allow us to extend the concept of derivative to all continuous func-
tions and beyond and are used to formulate generalized solutions of partial

differential equations.



2 Mathematical Modeling with Generalized Function

They are important in physics and engineering where many non-continuous
problems naturally lead to differential equations whose solutions are distri-

butions, such as the Dirac delta distribution.

In this work we aim to show how differential equations arise in the math-
ematical modeling of certain problems in industry. The focus of the pre-
sentations will be on the use of mathematics to advance the understanding
of specific problems that arise in industry. For this purpose we let D be
the space of infinitely differentiable functions with compact support and
let D’ be the space of distributions defined on D then we provide some
particular examples how to use the generalized functions in Statistics and
Economics. At the end of the study we relate the Tomography and The

Radon Transform on using the generalized functions.

In mathematical analysis, distributions also known as generalized functions

are objects which generalize functions and probability distributions.

We apply the distributions to the some mathematical problems. For this
purpose we let p be a fixed infinitely differentiable function having the
following properties:

() ple) =0 for o] > 1,

(i) p(z) =0,

(i) p(z) = p(—=),

(iv) fil plr)dr=1.
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Define, the function §,, by putting
on(x) =np(nx) forn=1,2,...,

it follows that {J,(x)} is a regular sequence of infinitely differentiable func-

tions converging to the Dirac delta-function §(z).

Now let D be the space of infinitely differentiable functions with compact
support and let D’ be the space of distributions defined on D. Then if f is

an arbitrary distribution in D’, we define

fo(w) = (f % 0n)(2) = (f(t),0n(x — 1))

forn =1,2,.... It follows that {f,(z)} is a regular sequence of infinitely

differentiable functions converging to the distribution f(x).

Key Words and Phrases: Differential equations, Delta-function, Gen-
eralized functions, Probability Functions, Tomography and Radon Trans-

forms.
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INTRODUCTION

Over the past decades mathematical programming has become a widely
used tool to help managers with decision making. The problems that was
in the past years were impossible to solve are now very easy and solved
by standard computer programs. In fact the development of mathemat-
ical programming has generated much interest in mathematical modeling

trough out business of all types and all sizes.

In mathematics we deal with equations. An equation is a statement that
two mathematical expressions are equal. The two expressions that make
up an equation are called its sides. We have several types of the equations
such as polynomial equations, exponential equations, logarithmic equa-
tions, trigonometric equations, difference Equations, differential equations,

integral equations, etc.

We solve an equation by using the some properties of equality to transform

the equation into an equivalent statement of the form until we get

ar+b = c=>z="

@ = d= gz =

log f(z) = m=x="
9

L= g = f@) =

/h(m)dx = v(x) = h(z) ="

The best way to demonstrate the scope of the mathematical modeling is
to show the wide variety of the problems in the real world to which that

model can be applied. With the exception, the cases enable us to grasp
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the range and the full dimension of the problems that can be formulated
and solved by mathematical modeling. The following examples have the

common characteristic:

Resource Allocations: Consider a company in Malaysia manufactures
two type of products for distributions to retailers in all over Malaysia.

Then the problem is to identify the

Raw material

Man hours

Specific profit for each products that company turns out.

The objective function is to be maximize the profit made by the

products.

Assignment Problems: Consider a textile factory and has different 20
machines, and each machine has capability of performing various jobs. On
the specific day the manager of the factory has to check the performance
of the 15 different jobs. Each assignment can be accomplished by any of

the 20 machines.

The time it takes to perform the job n on machine m is t,

e Time varies from machine to machine

e If the t,,;, goes to infinity then job n cannot be performed on the
machine m

To determine the best 15 machines.

Transportation Problems: After the production process is finished or
completed the major problem is the distributions. So each side try to max-

imize the capacity and has to satisfy the demand for the product for a
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definite time.

Integer programming Problem: It is a mathematical optimization
problem which study feasibility in where some or all of the variables are
restricted to be integers. In many settings the term refers to integer linear

programming, which is also known as mixed integer programming.

Dynamic Programming: Dynamic programming is a method for solving
the complex problems by breaking into simpler small or subproblems. It is
applicable to problems exhibiting the properties of overlapping subproblems
which are only slightly smaller and optimal substructure. Then combine
the solutions of the subproblems to reach an overall solution. When appli-

cable, the method takes far less time than naive methods.

Iterative Algorithms: The iterative method is a mathematical procedure
that generates a sequence of improving approximate solutions for a class of
problems. A specific implementation of an iterative method, including the
termination criteria, is an algorithm of the iterative method. An iterative
method is called convergent if the corresponding sequence converges for
given initial approximations. A mathematically rigorous convergence anal-
ysis of an iterative method is usually performed; however, heuristic-based

iterative methods are also common.

However, a mathematical model is a description of an particular system
using mathematical concepts and language. The process of developing

a mathematical model is termed mathematical modeling. Mathematical
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models are used not only in the natural sciences (such as physics, biol-
ogy, earth science, meteorology) and engineering disciplines (e.g. computer
science, artificial intelligence), but also in the social sciences (such as eco-
nomics, psychology, sociology and political science); physicists, engineers,
statisticians, operations research analysts and economists use mathemati-

cal models most extensively.

Mathematical models can take many forms, including but not limited to
dynamical systems, statistical models, differential equations, or game the-
oretic models. These and other types of models can overlap, with a given
model involving a variety of abstract structures. In general, mathematical
models may include logical models, as far as logic is taken as a part of
mathematics. In many cases, the quality of a scientific field depends on
how well the mathematical models developed on the theoretical side agree
with results of repeatable experiments. Lack of agreement between theo-
retical mathematical models and experimental measurements often leads to
important advances as better theories are developed. Many mathematical

models can be classified in some of the following ways:

Linear vs. nonlinear Mathematical models are usually composed by
variables, which are abstractions of quantities of interest in the described
systems, and operators that act on these variables, which can be algebraic
operators, functions, differential operators, etc. If all the operators in a
mathematical model exhibit linearity, the resulting mathematical model is

defined as linear. A model is considered to be nonlinear otherwise.



8 Mathematical Modeling with Generalized Function

The question of linearity and nonlinearity is dependent on context, and
linear models may have nonlinear expressions in them. For example, in
a statistical linear model, it is assumed that a relationship is linear in
the parameters, but it may be nonlinear in the predictor variables. Sim-
ilarly, a differential equation is said to be linear if it can be written with
linear differential operators, but it can still have nonlinear expressions in
it. In a mathematical programming model, if the objective functions and
constraints are represented entirely by linear equations, then the model is
regarded as a linear model. If one or more of the objective functions or
constraints are represented with a nonlinear equation, then the model is

known as a nonlinear model.

Nonlinearity, even in fairly simple systems, is often associated with phe-
nomena such as chaos and irreversibility. Although there are exceptions,
nonlinear systems and models tend to be more difficult to study than linear
ones. A common approach to nonlinear problems is linearization, but this
can be problematic if one is trying to study aspects such as irreversibility,

which are strongly tied to nonlinearity.

Deterministic vs. probabilistic (stochastic) A deterministic model
is one in which every set of variable states is uniquely determined by pa-
rameters in the model and by sets of previous states of these variables.
Therefore, deterministic models perform the same way for a given set of
initial conditions. Conversely, in a stochastic model, randomness is present,
and variable states are not described by unique values, but rather by prob-

ability distributions.
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Static vs. dynamic A static model does not account for the element of
time, while a dynamic model does. Dynamic models typically are repre-

sented with difference equations or differential equations.

Discrete vs. Continuous: A discrete model does not take into account
the function of time and usually uses time-advance methods, while a Con-
tinuous model does. Continuous models typically are represented with f(t)

and the changes are reflected over continuous time intervals.

Deductive, inductive, or floating: A deductive model is a logical struc-
ture based on a theory. An inductive model arises from empirical findings
and generalization from them. The floating model rests on neither theory
nor observation, but is merely the invocation of expected structure. Ap-
plication of mathematics in social sciences outside of economics has been
criticized for unfounded models, see [1]. Application of catastrophe theory

in science has been characterized as a floating model, see [2].

The purpose of mathematical modeling is to describe the essential features
of a phenomenon or a system in a manner which allows us to use of var-
ious mathematical methods for a deeper analysis. However, to formulate
a mathematical model can be a challenging task. It requires both a solid
understanding of the basic interactions governing the system under study
and a good knowledge of mathematical methods. Thus the goal of the
mathematical modeling is to find values for the some decision variables
that decision makers will have choice to optimize his objective which may
include, for example, Maximize profit, Maximize utilization of equipment,

Minimize cost, Minimize used of raw material or resources and minimize
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traveling time. All these problems are now standard and solutions are easy
on using the many software packages that available for mathematical pro-

gramming.

DIFFERENCE EQUATIONS
These equations occur in many mathematical model and as tools in nu-
merical analysis. We can easily develop a theory and devise methods for

solving linear difference equations.

First order Difference Equation

A recurrence relation can be defined by a difference equation of the form

Tpi1 = f(zn)

where x,,+1 is derived from x, and n =0,1,2,3,... . If the first one starts
with an initial value, say zg then the iteration of the difference equation

leads to a sequence of the form
{z;:1=0— o0} = {xg, x1, 22,23, 24, ...2,}.

Consider the following simple example,

The difference equation might be used to model the interest in a bank

account compounded k times per year and the
Tntl = a Tp

where a > 1 and a constant.
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Second Order Linear Difference Equations Recurrence relations in-
volving terms whose suffices differ by two are known as a second-order lin-
ear difference equations: The general form of these equations with constant
coeflicients is

a Tpio =bxpni1 + ¢ xyp.

For example, A model for the population dynamics under immigration in-
volves the equation

Py —P=aP+b
where

e the P,y — P, is the difference,
e the constant a is the difference between birth rate and the death
rate,

e and b is the rate at which people immigrate to the country.

Similarly, suppose that the national income of a country in year n is given
by

where S, P, and G, represent national spending by populous, private in-
vestment and the government spending. If the national income increase
from one year to the next, then assume consumers will spend more for the
following year. In this case suppose that consumer spend % of the previ-
ous years income. Then S,411 = %In. An increase in consumer spending
should also lead to in creased investment to the following year. Assume
that P11 = Sp+1 — Sp. Substitution for S, gives P41 = %(In —Inq).
Now if the government spending is kept constant then the economic model
is
3 3

In+2 = ZInJrl - Zln +G
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where I, is the national income in year n and G is the initial national
income. Now if the national income one year later is %G then we can easily

determine the following:

e a general solution to this model
e the national income after 10 years

e long term state of the economy.

In general, k- order linear difference equation is an equation of the form
ak(n) Ttk + ag-1(n) Tpik—1 + ... +a1(n) Tpp1 + ao(n) v, = by
wheren =0,1,2,..., a;(n) and b, are defined for all nonnegative integers n.

DIFFERENTIAL EQUATIONS

A linear homogenous ordinary differential equation has the form

dsy ds—ly dy
Tos + as_l(x)m +...+ al(x)% + ap(z)y =0

and if the general solution exits then it looks like

as(x)

Y(c1,c,¢3,¢4,...,00) = cry1(w) + coya(w) + c3ys(w) + ... + csys(w)

where y;(z) are independent set of particular solutions. The constants ¢;

can be adjusted so that the solution satisfies specified initial values

yo(xo) = bo, y1(wo) = b1, yo(x0) =b2, ..., Ys—1(x0) = bs_1

at any point xp where the equation coefficient a;(x) are continuous and
as(x) is non zero. The general form of the linear ordinary differential equa-

tion is given by the equation
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in short form we write
L(y) = f(=)

then quickly one can observe that if

L(y1) =f and L(y2) =0= L(y1 +y2) = f(x)

conversely, if

Liy1)=f and L(y2) = f = L(y1 —y2) = 0.

Remark: Only the linear homogenous equations posses the property that

any linear combination of solution is again a solution.
We start with the basic and simple one.

Population Model Let P(t) be the function of the population of a given
species at the time ¢ and let (¢, p) be the difference between its birth rate
and its death rate. If the population is isolated(there is no immigration or

emigration) then
dp
dt
will be the rate of the population, equals to r p(t).

In the most simplistic model we assume that 7 is constant (does not change
with either time or population). Then the differential equation governing

the population growth is :

d
d—]z = ap(t), a = constant.

This is a linear equation and is known as the population growth. Now if

the population of the given species is py at time to, then p(t) satisfies the
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initial-value problem

dp _
dt

The solution of this initial-value problem is

ap(t), p(to) = po-

p(t) = po e?t=t0).

Harmonic Oscillator In order to model a mass on a spring we use the
differential equation

y' =Ny
which arises repeatedly in Engineering applications and the general solution

can be expressed as

c1 cosh VA(z — x9) + casinh VA(z — o) if A >0

Y(z)=4q c1+cn ifA=0

c1cos vV—=A(x — xg) + casinv/—A(z —zg) if A <0
We note that whenever the function y = f(x) has a specific interpretation
in one of the sciences, its derivative will also have a specific interpretation
as a rate of change. Several concepts in economics that have to do with
rates of change as well can be effectively described with the methods of
calculus. All the properties of the functions which we measure show how
one variable changes due to changes in another variable. Thus, differential
calculus is concerned with how one quantity changes in relation to another
quantity. Actually, the central concept of differential calculus is the deriv-

ative.

Competing Species Suppose there are two species in competition with
one another in an environment where the common food supply is limited.

For example, sea lions and the penguins, red and grey squirrels, ants and
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termites are all species that is in this category. Then there are two types
of outcome, coexistence and the mutual exclusion. Then find the possible

phase solution for the following system:

t = z(a—bxr—cy)
y = w(d—ex—fy)

where a, b, c,d,e and f are all positive constants with z(¢) and y(¢) both

representation of two populations, see for example [55].

Cooking a Roast The process of cooking a Roast involves taking a piece of
meat at an initial temperature T.q and placing it in an oven at a constant
temperature Toyen until a meat thermometer indicates that the temperature
at a specific location say (z,y,z) = (0,0, 0) has reached the value Tjope this

request a cooking time tgope-

Let, T(z,y, z,t) denote the temperature of the roast, if the thermal diffu-
sivity of the meat is k then its temperature evolves according to the heat

equation:

or _ .\ 2, 82T+82T+82T
o "V TR\ Ty 0%

if t = 0 then the finial temperature Toq is
T((I}, Y, z, O) = Tcold

the temperature on the skin or ” boundary” B of the roast is maintained

by the oven at

T(.%', Yy, z, t) = Toven(xa Y, Z)
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on the boundary B all £ > 0. And the cooking time is specified by the

condition
T(Oa Oa Oa tdone) = Tdone

see the details in [47]. Now the question if largest roast is placed in the

oven what equation does its temperature satisfy?

Stochastic Environment Any variable its value changes over time in an
uncertain way is said to be stochastic variable and this process is called

stochastic process. Might be discrete or continuous.

Stochastic methods have become increasingly important in the analysis of
a broad range of phenomena in natural sciences and economics. Many pro-
cesses are described by differential equations where some of the parameters
and/or the initial data are not known with complete certainty due to lack
of information, uncertainty in the measurements, or incomplete knowledge
of the mechanisms themselves. To compensate for this lack of information
one introduces stochastic noise in the equations, either in the parameters or
in the initial data which results in stochastic differential equations. Since
the stochastic environment allows for some randomness in some of the dif-
ferential equations we can get the more realistic model for the most of the

situation. How to make the stochastic differential equations?

Consider the ordinary differential equation

a _

— gzt
7 g(x,t)
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then we suppose that system has random part (component), added to the

System

Z—JZ = g(z,t) + h(z,t)e(x).

Since we have some randomness the solution to the equation might be

difficult. Then we write the system as follows
df = g(z,t)dt + h(z,t)e(z)dt
then the solution to the equation by performing the integration yields
f(&) = f(0) + g(x, s)ds + h(x, s)e(s)ds.
If we reconsider the population model

d
dit) = ap(t), a = constant.

Now if we ask what will happen a(t) is a function and is not completely

known, but subject to some random environmental effects, so that we have
a(t) = r(t) + unknown parts

in fact we call this unknown part as the noise where we do not know the

exact behavior of the noise term, then how do we solve this problem?

Consider we want to make some investments: We can do some safe invest-
ment like fixed deposit or bond where the price per unit at the time ¢ grows

exponentially:
dp
dt

where a is a constant function. We can also do some risky investment such

ap

as stock where the price of the unit at time ¢ satisfies stochastic differential
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equation of the type
dp
dt
where b(t) > 0 and k € R are constants. Now we can easily choose how

(b(t) + k noise) p

much amount of the money we want to place in the risky investment. If the
utility function U and the terminal time 7" the problem is to find the optimal
portfolio u; € [0,1]. That is to find the investment distribution u; subject
to 0 < t < T which maximize the expected utility of the corresponding

(u)
Ogt%}él {E [U (X;“)ﬂ } ’

terminal fortune X :
In short, stochastic differential equations or SDEs, allow for inherited ran-
domness in physical or biological systems by adding a random noise term

to classical differential equations.

DISTRIBUTIONS

In classical models, the physical world is modeled as a continuum, and
the objects in study are thought as infinitely divisible and observable with
arbitrarily good accuracy. In real life, physical phenomena are only ob-
servable to a maximum degree of precision dictated by the limitations of
the instruments used or even by uncertainty principles inherent to the very
nature of reality. Using the classical tools derived from Calculus, it is not
only necessary to adopt this continuum model but often the quantities in
study must satisfy regularity properties, they must show a certain degree of
”smoothness”. In many situations these assumptions are impractical and
several important problems are not treatable using this classic approach to

modeling.
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Physicists, staring with the work of Dirac, again solved this shortcoming of
the classical theory by introducing new objects (now called distribution or
generalized functions) based in their physical intuition. This more modern
approach opened the door to treat all sort of models where the smoothness
assumptions are more relaxed, allowing for discontinuities and other types
of singularities. Distributions theory in its full scope is not only difficult

but also requires a sophisticated mathematical background.

Need to Study Distributions

In classical models, the physical world is modeled as a continuum, and
the objects in study are thought as infinitely divisible and observable with
arbitrarily good accuracy. In real life, physical phenomena are only ob-
servable to a maximum degree of precision dictated by the limitations of
the instruments used or even by uncertainty principles inherent to the very
nature of reality. Using the classical tools derived from Calculus, it is not
only necessary to adopt this continuum model but often the quantities in
study must satisfy regularity properties, they must show a certain degree of
”smoothness”. In many situations these assumptions are impractical and
several important problems are not treatable using this classic approach to

modeling.

Physicists, staring with the work of Dirac, again solved this shortcoming of
the classical theory by introducing new objects (now called distribution or
generalized functions) based in their physical intuition. This more modern
approach opened the door to treat all sort of models where the smoothness
assumptions are more relaxed, allowing for discontinuities and other types

of singularities. Distributions theory in its full scope is not only difficult
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but also requires a sophisticated mathematical background.

Before we study distribution there are several questions that we have to ask
in order to motivate ourself to study distributions theory: For example, in
the classical analysis, it is well known that every differentiable function is
continuous. In general, converse is not true. With generalized functions
one can overcome of this problem further discontinuous function is differ-
entiable in the distributional sense, that is, we can differentiate nearly any
function as many times as we like, regardless of discontinuities.

If the lim / fn - @ exists for all very nice test functions ¢ then the lim f,

n—oo n—o0

exists as a generalized function.

The history of the distribution is also relatively new, only in the 1930s
Hadamard, Sobolev, and others made systematic use of non-classical gen-

eralized functions.

In 1952 Laurent Schwartz won a Fields Medal for systematic treatment of
these ideas. Since then, generalized functions have found many applications
in various fields of science and engineering. The well known example of this

formalism is by considering the delta function that we will discuss later.

Historical Developments
Although now known as the Dirac delta function, the delta function §(z)

can be said to have been first introduced by Kirchhoff in [43]. He defined
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d(x) by

§(z) = lim 7 Y2y exp(—p’a?).

U—>00
It is easily seen that d(x) = 0 for x # 0 and 6(0) = co. Defining / d(t) dt
by -
/ i(t)dt = lim 7T1/2M/ exp(—p’t?) dt,

U—>00 oo

x 0, =<0,
/ooé(t)dt:{ 1, >0 o

)

it follows that

and thus ¢ is not a function in the mathematical sense, since its infinite
value takes us out of the usual domain of definition of functions so Kirchhoff
referred to 0 as the unit impulse function and mathematicians call it a
distribution, a limit of a sequence of functions that really only has meaning

in integral expressions such as
| t@ie-ade = s ©)
Let us evaluate (2) for the special case if f(x) = 1 then we get

/_Zé(x—a)dx _ 1

The delta function was next used by Heaviside, see [20]. Heaviside’s func-
tion H is the locally summable function defined to be equal to 0 for x < 0
and equal to 1 for z > 0. Heaviside appreciated that the derivative of H

was in some sense equal to d.

When Dirac considered the delta function, see [6], he treated it as though

it were a function that was zero everywhere except at the origin where it
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was infinite in such a way that

/_O;é(x) o =1,

Dirac used d to represent a unit point charge at the origin and the derivative

0" of § as to represent a dipole of unit electric moment at the origin since

/ ré'(x)dr = lim 771/2M/ x [exp(—,u2a:2)]l dx = —1.

oo =00
Higher derivatives of § can be used to represent more complicated multiple—
layers and have been used in the physical and engineering sciences for some
time, see [23]. Therefore we note that for physicists the delta function is
well designed to represent, for example, the charge density of a point par-
ticle: there is some total charge on the particle, but since the particle is
point-like, the charge density is zero except at the single location of the

particle.

Dirac gave no rigorous theory for the delta function and its derivatives but

used intuitively obvious results such as

/°° f@)i( —a)dr = f(a),
/_ T @)@ —a)de = —f(a),

/_Oo Sla—2)d(z—b)dz = 6(a—b).

It was left to Sobolev, see [51] and he defined the main operations on
distributions such as the derivation and the product by infinitely differen-
tiable functions, and used them for a study of partial differential equations.
However, it was not until 1950 when Schwartz published his theory of dis-

tributions that a really comprehensive and mathematically account was
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given, see [50].

However, it was not until 1950 when Schwartz published his theory of dis-
tributions that a really comprehensive and mathematically account was
given. After the Schwartz work, the theory of distributions has led to the
essential progress in several mathematical disciplines and such as the the-

ory of partial differential equations and mathematical physics.

In general, Schwartz’s well-known result is on the property of distribution
theory, multiplication of distributions is not possible, can not be easily given
a meaning to product of arbitrary distributions. This fact is an obstacle
to the usage of distributions in the theory of nonlinear equations and the
theory of generalized coeflicients equations and in particular, one arrives at

the impossibility to give a meaning to such objects as
H(z)0(z), z7'6(x), 0(z)é(x), &6, o6Ms0)

where 0 is delta function and H is the Heaviside function, are of special
interest to physicists and widely used, for example, in quantum theory. The
problem proved to be very natural and to have a lot of applications. There-
fore it has attracted attention at once after the creation of the distributions

theory.

Since theory of distributions is a linear theory. We can extend some opera-
tions to D’ which are valid for ordinary functions such operations are called
regular operations such as addition, multiplication by scalars. Other oper-
ations can be defined only for particular class of distributions or for certain

restricted subclasses of distributions; these are called irregular operations
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such as: product, convolution product, composition, Fourier Transform and

differential equations.

Definition 1. Let f be a continuous, real (or complex) valued function
defined on the real line. Then supp f, the support of f, is the closure of the
set on which f(x) # 0.

If f is a differentiable function, its derivative f’ is also an another function;
thus the new function f’/ may have a derivative of its own and it is denoted
by ( f’)l = f”. This new function f” is called the second derivative of f
or derivative of the first derivative. The process can be continued as long
as successive derivatives are differentiable. We note that, in general, if f
is differentiable then f’ need not necessarily to be continuous. That is to
say the function might have derivative but the derivative not necessarily be

continuous however we have the following definition.

Definition 2. Let f be defined on an open subset S C R. Then if f is
continuous on S C R, we say that f € C*(S) that is, C*(S) is the set of all

functions which have continuous first order derivatives in S.

Example 3. Let f be defined by f(s) = ¢’ then f’ is continuous on R,
then f € C1(R).

Definition 4. If the f” exists and continuous at each point of S then f is

the member of the C2(S), or we say f € C?(S). Thus it is obvious that
C?(S) c CY(9).

The set C*°(S) contains the functions such that having continuous deriva-
tives of all orders in S. We call this class infinitely continuously differ-

entiable function class. Of course we can also show that for any natural
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number m, we have the following implication
C>®(S)c...cCcm™(S)cc™(S)c...c C?S)ccl(s)

The function having continuous derivatives of all orders is also known as

smooth function.

Now if we let ¢ be an infinitely differentiable real valued function with
compact support. Then ¢ is said to be a test function. The set of all test
functions with the usual definition of sum and product by a scalar is a

vector space and is denoted by D. If ¢ is given by

1 1

Lt e
¢<x>={ oasest

0, r<a x>0,
then ¢ € D and supp ¢ = [a, b].
Note that if ¢ is in D, then ¢() isin D for r = 1,2, ..., we also note that
if € D and ¢ is any infinitely differentiable function, then g¢ € D but
x oo
O(x) = ¢(x) dx is not necessarily in D, since ¢(x) dxr may not be

— 00 —00
equal to zero, in which case ® will not have compact support. Thus, with

the above if ¢ € D then

cosw 6(z), sinz B(x), (Z x> 6(x), In|z — c| ¢(x)
i=0
where ¢ < a, are all in D.

Example 5. Let f be defined by

_ e s ifse (0, 00)
o

if s € (—00,0]
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then f is infinitely differentiable for all s. That is f € C°°(S) for any
S CR.

We note that

(i) The polynomials are infinitely continuously differentiable function
thus polynomials are in C*°(S5).

(i) The function f(t) = sint, g(t) = cost and h(t) = ¢’ are not poly-
nomial however they are continuously differentiable thus they are
in C*(S).

Definition 6. Let {¢,,} be a sequence of functions in D. Then the sequence
{¢n} is said to converge to zero if 3 a bounded interval [a, b], with supp ¢,, C
[a, b] for all n and TLIL)II;O ¢\ (x) = 0 for all z and r = 0,1,2, ... . Further, let
f be a linear functional on D. Then f is said to be continuous (bounded)
if li_)m (f, dn) = 0 whenever {¢,} is a sequence in D converging to zero. A
coztizouous linear functional on D is said to be a distribution or generalized
function. The set of all distributions is a vector space and is denoted by
D'.

We note that in the classical sense, we represent a function as a table
of ordered pairs (z, f(x)). Of course, often this table has an uncountably
infinite number of ordered pairs. We show this table as a curve representing
the function in a plane. In generalized function theory, we also describe

f(x) by a table of numbers. These numbers are produced by the relation

F(g) = / " f@)é(a)da 3)

where the function ¢(x) comes from a given space of functions called the
test function space thus generalized functions are defined as continuous lin-

ear functionals over a space of infinitely differentiable functions D therefore
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(f,¢) is an action on ¢ rather than a pointwise value.

Now let f be a locally summable function. (i.e. fab f(x) dx exists for every

bounded interval [a,b].) Then f defines a linear functional on D if we put

o) b
<ﬁ@=/'fWWWMx=/fWM@Mx

if supp¢ C [a,b]. Further, f is continuous and so a distribution, since if

{¢n} converges to zero, |¢p,(x)| < € for n > N and so

b
(fooml < [ 17(a)]do
a
Thus it is clear that D C D’. In fact one can prove that D = D’.

Example 7. A distribution ¢ (the Dirac delta-function) can be defined by
putting

(0, 8) = ¢(0).
However, ¢ is not defined by a locally summable function since if
| st de = 00
for all ¢ € D, then
/00 5(z)p(x,a)dr = ¢(0,a) = e
for all @ > 0. Letting a — 0, LHS — 0, giving a contradiction.

Although it seems impossible to give a suitable definition which will define
the product of any two distributions, it is possible to define the product of
a distribution f and an infinitely differential function g and this is given in

the next definition.
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Definition 8. Let f be a distribution and let g be an infinitely differen-
tiable function. Then the product fg = gf is defined by

(fg,90) = (9f,¢) = (f,99)

for all ¢ in D. Note that in this definition the product g¢ is in D and so
the product fg = ¢gf is defined as a distribution.

Example 9. Let g be an infinitely differentiable function. Then

(09, ¢) = (96, 8) = (3, 90) = g(0)$(0) = g(0)(J, $)
for all ¢ in D. Thus

69 = g6 = g(0)d.

Theorem 10. Let f be a distribution and let g be an infinitely differen-

tiable function. Then

r

f(r)g — gf(r) _ Z <:> (—l)i [fg(i)](r—i).
=0

In particular, Leibnitz’s Theorem holds for the product fg = gf, i.e.
(f9) =fg' +fg.
Example 11. Let g be an infinitely differentiable function. Then
d'g = gd' = g(0)d' — ¢'(0)d.
In particular, with g(x) = z,
8 =axd = -4

More general
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In particular

5§ s — 4550 — (717!8)!(—1)55(7"—8)’ 0<s<r,

0, s>

Note: The product of distributions is not necessarily associative. To see

this, we have
-1 = Oom_lm x rxo(—x)| dx
(e g) = /0 [w(z) + zd(—2)] d
- /O [6(2) + $(—2)] de
Y

for all ¢ in D and so z—'x = 1. Thus

on the other side
e (z6) =270 =0,

In physics products of distributions such as Hé or 42 can be interpreted
in many different ways. In the literature, several definitions have been

proposed for 62 ranging from

1
62 =0, ¢, cx % ¢+ 75', cd+cd
vy}
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with arbitrary constants ¢, ¢. This has opened up a new area of mathemat-
ical research, with many attempts to try and give a satisfactory definition

for the product of two distributions.

Despite the non-associativity, still there are some distributions, for example

the product of two distributions such as
P |z| 60 (), 7P 6T (x) or (z+i0)P 60)(x)

forp=1,2,...and r =0,1,2,... which do not exist in the ordinary sense.
In order to compute highly singular products, another generalization of
product, the neutrix products was introduced by Fisher which is based
on the concept of neutrix limits due to van der Corput, see [56]. The
essential use of the neutrix limit is to extract the finite part from a divergent
quantity as one has usually done to subtract the divergent terms via rather
complicated procedures in the renormalization theory, see [48]. In fact
we can consider the neutrices as the generalization of the Hadamard finite

parts, see [18].

Definition 12. Let {f,} be a sequence of distributions. Then {f,} is said

to converge to the distribution f if

lim (fn,$) = (f,¢), Vo€ D.

n—o0

More generally, if {f,} is a sequence of distributions converging to the
distribution f. Then the sequence { fy(f)} converges to the distribution f(")
forr=1,2,....



Adem Kiligman 31

Example 13. Let f,, be the function defined by f,(z) = z~! for |z| > 1/n
and fp(z) = 0 for |z| < 1/n. Then ILm frn=2"'. Similarly, if f, =

v 1(v? + 2?)~L. Then lim f, = 4.
v—0

Now suppose that f is a continuous function having a continuous derivative

f’. Then for arbitrary ¢ € D with supp ¢ = [a, b], we have
b
() = [ F@ods

= o) - [ 1w
= —{f,¢).
Thus the derivative f' of f is the distribution defined by
(f',¢) = —(f,¢), forall¢e D.
It is clear that f’ is in fact a distribution, £ is a distribution and
(£, 6) = (=1)"(f,6")
form=1,2,....

Example 14. Let 1 be the locally summable function defined by

x, x>0,
T4 =
0. =<0,

Then its derivative, denoted by H (Heaviside’s function), is given by

(H, ) = — (w4, ¢) = / " adl (2) du = / " b(e) de

and so H corresponds to the locally summable function defined by

1, x>0,
Hiz) = 0 <0
, T .
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The derivative H' of H is given by
(H'.0) = ~(H.6) = = [ @) dz = 0(0)

and so H' = 0. We note that the function H(z) is a very useful function
in the study of the generalized function (distributions theory), especially
in the discussion of the functions with jump discontinuities. For instance,
let F(z) be a function that is continuous every where except for the point

x = &, at which point it has a jump discontinuity,

F(l’): F1($)7 .73<§7
Fy(x), =>¢&

Then it can be written that
F(z) = Fi(z)H (¢ — x) + Fa(z)H(x - ).
This concept can be extended to enable one to write a function that has

jump discontinuities at several points.

The 7-th derivative () of § is given by
(67, ¢) = (=1)"(8,6) = (=1)7¢"(0).
More generally, let a:ﬁ‘r (A > —1) be the locally summable function defined

by
A
A zr, x>0
:c+:{

0, z=<0.

If A > 0, its derivative is the locally summable function )\xi‘rfl but if —1 <

A <O, xj\r_l is not a locally summable function. If —1 < A < 0, we will still
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denote the derivative of xﬁ‘r by )\a:f‘r_l but it must be defined by

(}),¢) = —(2},¢)
- / 2 d[o(x) — (0)

= OO:CA_I x) — T
- A/O [6(x) — B(0)] d.

Thus if —2 < A < —1, we have defined xﬁ‘r by

A = Oox/\ T) — T
(. ¢) = /0 [6(x) — B(0)] d.

The distribution xQ\L In"™ z is defined by differentiating xi m times par-
tially with respect to A. Thus if —r — 1 < A < —r then

r—1

<xj‘_ ™z, @) = /000 2 In™ [gf)(m) - Z ,—gb(i)(())} dx

and if —r—1< A< —r+1and A # —r, then

(X My, ) = /0 z lnmx[¢(:c) .
x'r—l
(r—1)!
(=1)™"mlgD(0)
(r = DI+ r)ymt+L

oV (0)H(1 — x)] d

+

Example 15. The locally summable function Inx is defined by

Inz, x>0,
Inx, = .
0, z<0.
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We define the distribution IL‘jrl to be the derivative of Inx. Thus
<xJ_rla¢> = <(1I1£L'+)/,¢> = _<1nx+7¢/>
1 00
— [ mado(@) - o) - [ mardoa)
0 1

1 ')
= x_l x) — X 1:_1 x)dx
—/0 [6(z) — 6(0)] d +/ o) d

1
= [ e ot) o0} (0 - ) o
The distribution 3:11 In™ z is defined for m = 1,2,... by
W™z ) = (m+ Dz ™y

Then the distribution 7" In™ z is then defined inductively. Suppose that
)" In™ !z, has been defined for r = 1,2, ... and some m. This is certainly

true when m = 1. The distribution :U:Ll In™ x4 has been defined for m =

1,2,..., so suppose that $_T_T+1 In" x4 has been defined for some r. Then

" In™ x is defined by
(:U:"H n"zy) =—(r -1z "™z +mal” ™z,
The distribution |z|* In™ |z| is defined by
2P In™ 2| = 2} In™ 2y + 2 ",
the distribution sgn x.|z|* In™ |z| is defined by
sgn .|z N In™ |z| = :ci "z, —a) Inmx_
and the distribution z" is defined by
" =al +(=1)"2",

forr=0,4+1,£2,....
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Example 16. The function In(z + ¢0) is defined by
In(x 4+ i0) = lim In(x + dy)
y—0-+
then it follows that
In(z +i0) = In |z| + irH(—x).
Similarly, the distribution (z + i0)* is defined by
RSN . SN
=1
(x 4 i0) y_1>I61+(:L' + 1y)
It follows that

(z +1i0)* = xi‘r—kei)‘”a:);, AAE-1,-2,...,

x+i0) = 2", r=0,1,2,...
( ; ;

0" = 1 N — T (r—1)
(x +10) )\g&(w +i0) =27 " + 1)l J (x)
r=1,2,.... Similarly,
(z —i0)* = lim (z + iy)*
y—0—
and then
(x —i0)* = xi +e A ONA -1, -2,
(x—d0)" = 2", r=0,1,2,...,
(1)
(x—i0)" = lm (@—i0) =2 - Z(:(_ 1))! 5=V (z),

r=1,2,....
More generally we can define the distribution

(z +i0)* In™(z + i0)



36

is defined by

(z 4 i0)* In™ (z + i0)

Mathematical Modeling with Generalized Function

m

(z +i0)*

o™

m
=2 Inmxy + Z <TZ> (im)m ke A InF 2
k=0

In particular, we have

(z +i0)* In(z +i0) = :cj\Ir Inzy + ezt nz_ + ine* 2
(z 4+ i0) In?(z 4+ i0) = xﬁ‘r 2y 4+ e Iz
+ 2ime?zt Inx_ — w2
for A #£ —1,-2,...,
(x4+140)"In(x +i0) = z"In|z|+ (—1)"irz"
(z +140)"In*(z +i0) = 2" In?|z|+2(—1)"irz" Inz_

rrlal

(=1
forr=20,1,2,... and
lim (z + 40)* In(x + 0)
A——r
" In|z|+ (-1)"inF(x_, —r)
(_1)7*7.‘_2
2(r —1)!
lim (z + 40)* In%(x + 40)
A——r

(x 4+140) " In(x 4 :0)

6(7"—1) (.T})

(z 4 40) 7" In*(x + i0)

" n? |z| + 2(=1)"in F(x_, —r)Inz_

—1)rimd
g’)(r )— 1)! 60 (@)

In general, it can be proved that any distribution f

+(=D)w?F(z_,—r) + —

forr = —1,-2,....

defined on the bounded interval (a,b) is the r-th derivative of a continuous
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function F' on the interval (a,b) for some 7, see [19].

Similar to the previous examples, consider the Gamma function I' then this

function is defined for x > 0 by
oo
I'(z) = / t*Le~tat
0
and it follows that I'(z + 1) = «I'(z) for > 0. I'(z) is then defined by
[(z) =2 'T(z+1)

for —1 < z < 0. Further we can express this function as follows

(4) .
r i (1) 1,171
7!

MNz)=a '+ f(z) =271 + Z
i=1

1

where 7 is interpreted in the distributional sense. The distribution I' is

of course an ordinary summable function for x > 0, see [31].

The related distribution I'(z4) by equation

> 1) .
D(ry)=a' + floy) =27 + Z L Z,'(l)l‘z_l (4)
i=1 )

and the distribution I'(x_) by equation

Sl NO) .
Nz )=z"' 4+ fla_)=a"" + Z L(l)x’__l (5)

=1

i!

where a:jrl and 27!

follows that

are interpreted in the distributional sense, see [26]. It

P(2) = T(ay) - T(a-) (6)
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Differentiating equation (4) s times we have

PO (zy) = (=1)slay* ™+ fO)(ay)

F(s-l-l—i-l)(l)
— _1)Sely—S5—1 -\~
(=1)stey +Z (s+i+1)il"*

and differentiating equation (5) s times we have
r®z_) = sla=> 4+ fO(z )

= (=1)%sla=®" 1+Z

F(s+z+1)(1)
(s+1i+1)i!

zl (8)

Similarly, now let us consider the Beta function B(x,y). This function can

be defined for x,y > 0 by

1
B(:n,y):/o t" 11 —t)yLdt

and it follows that

['(2)T'(y)

Blz.y) = [(z +y)

for x,y,z +y # 0,—1,—2,.... In particular we have

B(xz,n) = B(n,x)

forn =1,2,..., where the (z +4)~! for i = 0,1,...,n — 1 are interpreted

in the distributional sense, see [30].
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Further, we define the distribution B4 (z,n) by the equation

Bi(z,n) =27 +Z<”_ ) Vi(w + i) H(x) 9)

for n =1,2,... and we define the distribution B_(z,n) by the equation

n—1
R = B () [V ER R TE R Ct)

- 1
=1

forn=1,2,..., where H denotes Heaviside’s function. It follows that
B(z,n) = By(xz,n) — B_(z,n).

Differentiating equation (9) r times we have

B (@) = (-1yriey’- 1+r'2<”‘1) 1G4 i) T H () +

n—1 r

-2 (” i 1) DG - D0 (@) (1)

i=1 j=1

and differentiating equation (10) r times we have

BY(@,n) = rla=r! —T'Z(n_l) D™ (@ +4) 7 H () +

n—1 r
-2 <n_1> DG =D (@) (12)

i=1 j=1

for r =1,2,..., see details [49].

By using the distributional approach, it was proved in [11] that

') = /OOo e tIntdt =1"(1) = —v (13)
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where v denotes Euler’s constant, and

(=™

I'(— M(—m+1) = 14
(=) +m T (m 4 1) = L (14)
form =1,2,.... More generally, we have
1
r) = ——rr+q 15
(0) = =T () (15)

forr=1,2,... and

L(-m) = /loot_m_le_tdt—i-/olt_m_l [e—t—zm: (_Zf)] dt

form=20,1,2,....

Similarly, the incomplete Gamma function y(«, z) is defined for a > 0 and

x > 0 by
X
¥(a, ) :/ u® e du (17)
0
see [11], the integral diverging for a € [0,00). Now if we let o > 0, then
on integration by parts, we obtain that
Y(a+1,z) = ay(a,z) —z% ™" (18)

and so we can use equation (17) to extend the the definition of (o, z) to
negative, non-integer values of a.. In particular, it follows that if -1 < o <0

and z > 0, then

Y(,z) = alyla+1,z)+a %

x
= —a_l/ u®d(e™ — 1) + otz
0
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and on integration by parts, we see that
x
Y, ) = / u e ™ — 1) du + a " tz®.
0

More generally, it can be easily proved by induction that if —r < a < —r+1
and x > 0, then

V(o) = /Ox ut [e_“ - 2 (=

1=

a+3)i!

r—1 i ot
+ ZO((_I)+ (19)

As we can see in the above examples even locally integrable functions(in
the Lebesgue sense) though discontinuous are infinitely differentiable as

generalized functions.

CONVOLUTION PRODUCTS

Definition 17. Let f and g be functions. Then the convolution f * g is

defined by
(f * 9)(a / F(Hg(z —t)dt

for all points x for which the integral exists.

Theorem 18. If the convolution f * g exists, then g * f exists and

frg=gxf. (20)

Further, if (f xg)’ and f % ¢’ (or f'x g) exist, then

(fxg) =fxg (or flxg). (21)
Example 19. If A\, u > —1, then xﬁ‘r « = BA+ 1,p + 1)z Atutl
Equivalently, f} = f} = f)‘ﬂ‘ *1. In particular,

>\+1 x
mj\r*H(x)—)\:_l—/ xidw.
—0o0
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Further, if A\, p > —1 > A+ p, then 2} x2fl = BA+1,-A—p—1)x /\+“+1+
B(u+1,-X— p— 1)t

Now let f, g be locally summable functions and suppose that supp f C [a, b].

Then if G is a primitive of g and [c,d] is any interval,
d
/ (@ — 1) dz = G(d— 1) — Gle— 1),

This implies that the function [ dg (z — t)dx is bounded on the interval
[a,b] and so f(t f g(x —t) dx is a locally summable function. This proves

that

o0

(fxg)(x) = f(t)g(x —1)dt

b
= f(t)g(x —t)dt

a

exists and further

/Cd(f*g)(x) dr = /Cd{/abf(t)g(a: —t) dt}da:
= /abf(t){/cdg(x —t)dx}dt,

proving that f g is a locally summable function if f has compact support.
Similarly, f*g is a locally summable function if g has compact support and

in either case fxg=gx* f.

Finally suppose that (f % g)(x) # 0. Then there exists a point ¢y such that
f(to)g(z—1t9) # 0 which implies that to € supp f and z —to € suppg. Thus
x € supp f +suppg or

supp(f * g) C supp f + supp g.
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We now consider the problem of defining the convolution f % g of two dis-
tributions f and g. First of all suppose that f,g are locally summable

functions and that f * g exists. Then for arbitrary ¢ € D we can write

trod) = [ {] s -nafow i

- /OO f(t){/_oog(x—tW(w) da:}dt.

—00

We put

bt) = / " 4@~ )pla) dx

—00

_ / " g@)éle + 1) dr = (g(z), Bz + 1)),

—o0
where ¢(z +t) € D as a function of x, and ¢ (t) = (g(x), ¢(x + t)) in fact
exists for every distribution g and for all ¢ since ¢ has compact support.
It is easy to prove that ¢(t) is a continuous function for every distribution
g € D. To see this, let {t,,} be an arbitrary sequence converging to ty. Then
¢(x + t,) converges uniformly to ¢(x + tg) together with all its derivatives
and each ¢(x+t,) has its support contained in some fixed bounded interval.

Since g is a continuous linear functional,

P(tn) = (g(x), d(z +tn)) = (9(2), oz + t0)) = ¥(t0),
proving the continuity of 1. Further,

Y(tn) — (o) P(x +tn) — Y(x + to)
th —to v = <g(x)’ tn —to 0>

= (g(x), ¢ (z + to)),

proving that 1 is differentiable with derivative

U(t) = (9(z), ¢/ (z +1)).
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Definition 20. Let f, g be distributions in D’ and suppose that either f
or g has bounded support or that f and g are bounded on the same side.

Then f * g, the convolution of f and g, is defined by

(f*g,0) = (f(),(9(x), ¢(z + 1)),

for all ¢ € D.

Example 21. Let f be an arbitrary distribution. Then

fxo =0 p=0,1,2,....
and 7} * 2/} :B()\—i—1,,u—i—1)9vf”’“Jrl for A, p A+ pu+1#-1,-2,....
Multiplication of Distributions

If f is a distribution in D’ and ¢ is an infinitely differentiable function then

the product fg = gf is defined by

(fg,90) = (9f,¢) = (f,99)

for all ¢ in D and satisfies the rule

r

g =3 () -0 [

i=0
where
r 7!
(z) T il(r—)!
for r =1,2,.... The first extension of the product of a distribution and an

infinitely differentiable function is the following definition, see for example

[9].

Definition 22. Let f and g be distributions in D’ for which on the interval
(a,b), f is the k-th derivative of a locally summable function F' in LP(a,b)
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and ¢ is a locally summable function in L9(a,b) with 1/p + 1/q = 1.
Then the product fg = gf of f and g is defined on the interval (a,b) by

k

ro= 3 (F) vty

i=0
In the literature, many attempts have been made to define a product of
distributions. Konig was the first to develop a systematic treatment of the
subject in an abstract way and showed that there are actually many possi-
ble product theories if one gives up some requirements such as associativity,

see Konig [44].

Konig theory was followed by Giittinger on noticing that certain products

of distributions could be defined on subspaces of D’. For example, if

Do ={¢ € D:¢(0) =0}

and ¢ € Dy, then 7 1¢(x) = 1() is a continuous function. He then defined

the product §(z) - z~! on Dy by the equation

(0(z) -7, 0(2)) = $(0) = ¢/(0) = — (&' (x), 6(2)).

It follows that §(x) - 27! = —6'(x) on Dy, see [17]. Extending the linear
functional to the whole of D’ by the Hahn-Banach Theorem, he obtained

the equation
8(z) -7t = =8 (x) + cod(z),

where ¢g is an arbitrary constant. More generally,

8 (z) -2t = <—1>T+16<7’+”<m>+icw<“<x>, (22)
=0
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where ¢, c1, . .., ¢, are arbitrary constants. Formal differentiation of Equa-
tion (22) gives
st (@) -2t =60 (@) 27 = (1) (@) + ) o (a)
i=0
and so 6(")(z) - 72 is defined by
5(r)($) . .CUiQ — 5(r+1) . xil + (_1)r(5(r+2)($) . 2615(Z+1)($)
i=0
r+1
= 2(=1)"60* D (2) + cod(a Z —¢i—1)0'" (x).(23)

Note that the ¢; — ¢;_1 are not considered to be further independent con-
stants and expression for the product 6(")(z) - z=3 can now be found by

formally differentiating equation (23).

In a similar way, Giittinger obtained the product

57 (z) Z b6 (") (24)

where by, by, ...,b, are again arbitrary constants. Formal differentiation of

equation (24) gives

8T (z) - H(z) + 6T (x) - 6(z) = = Y bd " (z)

=0
and so 6(")(z) - §(x) is defined by
8 (@)-6(z) = =60V (@) H(x) =Y 06U (2) = bpyad(2).
1=0

The constants in equations (23) and (24) are completely independent and

they would also be completely independent of any new constants introduced



Adem Kiligman 47

to define further products, unless of course they are obtained by formal dif-

ferentiation.

However the products which result from this approach are generally nei-
ther commutative nor associative, and there is an inherent arbitrariness as
the presence of the arbitrary constants in the examples given above makes
clear. For these reasons Konig and Giittinger approach has generally found
less favor than the sequential treatments developed by Mikusinski in [46].
These have been generally guided by the idea of developing a product which
remains consistent with the Schwartz product and which further extends

its domain of definition, see Hoskins [23].

However, the products of some singular distributions very important to ap-
plications, but does not exist in the sense of definition 22. Then there are
some further extension of this definition in order to apply the product to
the wide range of distributions. In order to include the singular distribu-

tions the definition of product was extended in two directions as follows:

One way is the Fourier Transform method by using the convolution method
one can define the product of distributions which is known as the Fourier
Transform method. For given two distributions f, g € D’ assume that their
Fourier transforms F'(f), F'(g) exists. Then the product of two distributions
f and g is defined by following equation

fg=F1(F(f)=F(g), (25)

see for example Bremermenn [4].
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The second method is the regularization and passage to the limit. Some-
times it is known as the methods of the sequential completion for the prod-
uct of distributions that is also compatible with the ordinary product. This
method was first used by Mikusinski and Sikorski in [46] for a wide range
of irregular distributions. To deal with the sequential completion approach

we need the following concept of delta sequences.

Delta Sequences and Convergence

Definition 23. A sequence 6, : R — R is called a delta sequence of ordi-
nary functions which converges to the singular distribution §(x) and satisfy
the following conditions:
(i)  Op(x) >0 for all z € R,
(ii) 0y is continuous and integrable over R with / h op(z)dx =1,
(ili) Given any € > 0, -

lim +/ on(z)dx =0.

n—oo [_

For example, §,(rt) = m then

b b n
n(t)dt = | ——s—— dt
/a On(t) / 7(n2t2 1 1)
_ 1 [arctan(nb) — arctan(an)]
m

now if we let n — oo than it follows that &, is a delta sequence. In general, if
1

¢ is a continuous, nonnegative, ¢(z) = 0 for all |z| > 1 and / ¢(z)dr =1,
-1

if we set 0y, (z) = ng(nx). Then one can show that J, is a delta sequence.
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Thus the above examples show that there are several ways to construct
a delta sequence. For our next definition we let p(z) be a fixed infinitely
differentiable function in D having the following properties:

(i) p(z) =0 for |z| > 1,

(ii) p(z) 20,

(iii) - pz) = p(=2),

(iv) / p(z)dr = 1.
The functi(;ri Oy, is then defined by d,(x) = np(nz) for n = 1,2,... . It
follows that {d,} is a regular sequence of infinitely differentiable functions
converging to the delta function §. If now f is an arbitrary distribution in

D', the function f,, is defined by

fn(x> = (f * 571)(33) = <f(t)75n(x - t)>

for n = 1,2,... . It follows that {f,} is a regular sequence of infinitely

differentiable functions converging to the distribution f.

Let f,g € D' then the convolutions f,, = f * d, and g, = g * 6,, always ex-
ists as infinitely smooth functions for each n if (4,) are delta sequences.
By using the above regular sequence idea we can develop an alternative
generalization of definition 22 and based on the product f¢ = ¢f € D’ for
a distribution f € D’ and infinitely differentiable function ¢ € C'*° which
was introduced by Schwartz in [50].

Therefore in the literature there are several product of distributions by
using delta sequences. In summary, if we let f, g € D’ be two distributions

then product of two distributions can be defined either of the following
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equations:

flgn) = lim f(g+ ) (26)
(fa)-g = lim (fxdn)g (27)
(fn)-(gn) = lim (f +6,)(g * €n) (28)
(f-g)n = lim (f6,)(g*dn) (29)

provided that the limits exist in the space D’ for arbitrary delta sequences
(6r,) and (€,). Equation (26) is due to Mikusinski and Sikorski [46], equa-
tions (27) and (28) to Hirata and Ogata [21] required both simultaneously,
(29) is due to Fisher [9]. It should be noted that if the respective limits
exist in the above definitions then they are independent of the choice of
the sequence defining the ¢ function. By using above definitions one can

propose several results for §2(x) such as

1
63 (x) =0, c16(x), c1d(x)+ T(;’(LU) , c16(z) +c2d'(x)
i
with arbitrary constants ¢; and ¢y. Later Tysk in [54] gave a comparison

between equations (28) and (29).

However one can combine these two non symmetric equations and generate

another new commutative product as follows:

(F9.0) =l S{lon) + (f)-0:6)

n—oo

= lim <f(g * 5n) + (f * 571)9) ¢> (30)

n—oo

for all ¢ € D, see Kiligcman [35].
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APPLICATIONS OF DISTRIBUTIONS
With admission of the delta function (or distribution) we can also have a

solution for the following equation

a" - f(z) = g(=),

where g(z) assumed to be ordinary function. In fact this idea can also be
extended further as follows. Consider that p(x) a polynomial having the
zeros at * = a1, T = a9, ... T = a, that is

n

p(z)=(z—a1) (x —a2) (x —a3) ... (x—ay) :H(m—ai).

i=1

Then the equation p(x) f(x) = g(x) has the distributional solutions

n—1
flz) = gggji +) bV (@ - ay), (31)
=0

p\x

for any constants ci,c¢2,¢3,...,¢, and a1 # ag # a3z # ... # ay, see

Kiligman [41].

To solve a differential equation there are several methods and each method
requires different techniques and there are no general method that will solve

all the differential equations.

To solve a differential equation there are several methods and each method
requires different techniques and there are no general method that will solve
all the differential equations. We list the common methods by using the

some sophisticated software such as Scientific Work Place or MAPLE:

(a) Exact Solutions Method, In this method return exact solutions to

a differential equation. This method is a more general method
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that it can work for some nonlinear differential equations as well.
Each of these options recognizes some functions that the other
may not.

Integral Transform Methods, Laplace transforms, Fourier trans-
form, Mellin transform, sin and cos transforms that solve either
homogeneous or non homogeneous systems in which the coeffi-
cients are all constants. Initial conditions appear explicitly in the
solution.

Numerical Solutions, Some Appropriate systems can be solved nu-
merically. These numeric solutions are functions that can be eval-
uated at points or plotted. The method implemented by Maple for
numerical solutions is a Fehlberg fourth-fifth order Runge-Kutta
method.

Series Solutions, For many applications, a few terms of a Taylor
series solution are sufficient. We can also control the number of

terms that appear in the solution by changing series order.

Example 24. Consider the following differential equations

and the exact solution is given by :

11\, 11 1. (1
y(x)—2<smx>a: +2(cosx>x+2S1<x>+C'1.

Example 25. Similar to the previous example, consider to find the general

solution of differential equation

d
x2—y + ry =sinx
dx
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then exact solution is given by
1 .
y() = - (5i(2)+C1).

Distributional Solutions

Consider the initial-value problem

a2 =
RV S PSR
k=0

then we give the solution as

o0

y(@) = 3 (~D(H( — kr))sin(x)

k=0
+ Cisin(z) 4+ Cy cos(x).

However there are no serial solution for these differential equations, see

Kiligman and Hassan [40].

In fact when we try to solve the differential equation

we might have either of the following cases, see the details by Kanwal [25].

(i) The solution y is a smooth function such that the operation can
be performed in the classical sense and the resulting equation is
an identity. Then y is a classical solution.

(ii) The solution y is not smooth enough, so that the operation can
not be performed but satisfies as a distributions.

(iii) The solution y is a singular distribution then the solution is a

distributional solution.
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Example 26. Let f be the given distribution and if we can find a funda-

mental solution g, then we are able to solve the equation

PD)g=f

when f x g is defined. Now consider to find the general solutions of the

following ordinary differential equations:

g/,+g:6, f//+f:5/
then on using the delta sequences we have
YntYn =0y —y ' +y=0 and y +yn= () —y' +y=0
where y! = y” x 0, and y, = y x 0, as n tends to co. Then we can take
1 n 0<t<i
5n(t):n—nH<t—>: "
n 0 otherwise.

By using the Laplace Transform one can easily show that

ylt) = n—necost - <n_n (t_ ;)) H<t_ i)

n —ncost O<t<%
ncos(t—%)—ncost %<t

for fix £ > 0, then for large enough n we have
lim y,(t) = sint
n—oo

and also for ¢t =0,

lim y,(0) =0 =sin0

n—oo

therefore

nh_)rrgo Yn(t) = sint
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as a symbolic solution. We can also have same result by using the Laplace

Transform directly, see Nagle and Saff [47].
Example 27. But if we have differential equations in the form of
zf =1
then this equation has distributional solution
f=c Injz|+cH(x)+ cs

of course this not classical solution since f is not differentiable at zero, see
Kiligman [41]. Now if we replace 1 by ¢ then we try to find the fundamental

solution for
rf'=6 = fl=z716
or more general form of
=60 = =267 for 1,s=0,1,2,3,4,.... (32)

Now we can ask the following question: What is the interpretation of this?

There is no general method that can solve all the differential equations.
Each might require different methods. Now consider to find the fundamen-

tal solution for
vy =0(z) = ¢y =z"16)
or more general form of
z° y(”) =6 () = y(”) =z 5(”(1‘), (33)

forn,r,s=0,1,2,3,4,...,.
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The equation ¢ = 71§ has no classical solution on (—1,1). However on

using the distributional approach then we have

ylx) = (f*g)(x)
(z718(z)) * (Heaviside(z)x + Crz + Cs)

y(z) = /(/ <5(;)> dx+x01dx>+02

as a distributional solution since

y(z) = Heaviside(z)z + Crz + Co

is a solution for elementary equation

In general, if we have the equation as y' = fg where f,g € D’ then we
have the following three interpretations to solve it, 4’ * d, = (f *d)g,
Yy x0n = f(g*dy) and 3 x5, = (f * 6,) (g * 0,) by using the neutrix limit

N—limy %6, = N—lim(f*6,)g (34)
n—oo n—00

N—limy *6, = N—limf(g+*6,) (35)
n—o0 n—00

N-limy %3, = N-lim(f*d,)(g*d,). (36)

So we can easily see that solving the differential equation is reduced to
existence of the distributional products. The same procedure applies in the
case of more general differential equations.

For example, suppose that we want to find the distribution ¢ satisfying

P(D)g =, (37)



Adem Kiligman 57

where P(D) is the generalized differential operator given by

ds N ( )ds—l
ar\r drs—1

P(D) = ap(x) + ...+ as(z)

Note if f is a regular distribution generated by a locally integrable function
but not continuous or if it is a singular distribution then equation (37) has
no meaning in the classical sense. The solution in this case is called a weak

or distributional solution.

While it is possible to add distributions, it is not possible to multiply dis-
tributions easily, especially when they have coinciding singular support.
Despite this, it is possible to take the derivative of a distribution, to get
another distribution. Consequently, they may satisfy a linear partial dif-
ferential equation, in which case the distribution is called a weak solution.
For example, given any locally integrable function f it makes sense to ask

for solutions u of Poisson’s equation

Viu=f

by only requiring the equation to hold in the sense of distributions, that
is, both sides are the same distribution. For example, the problem for the
Greens function is as follows. We scale cylindrical coordinates (r, 0, z) so
that the boundary conditions are imposed on » = 1. The Greens function

satisfies

V2G = —4md(x)
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oG
and the boundary condition I = 0 on r = 1. We know that u(z;t) =
r
H(x — ct) solves the wave equation. This area still need some more re-
search we only list Friedman [15] for the introductory level and more re-

cently Farassat [7].

We can extend the single Laplace transform of delta function to double

Laplace transform as follows:

L,L;[6(t—a)d(x—0)] = /000 e pr /000 e *t5(t — a)d(x — b)dtdx
_ efsafpb

and also double laplace transform of the partial derivative with respect to

x and t as
) ) -
L1y a(s(t - a)%(s(x - b)] B [8x6t (6 )] t=a,x=b
= pse_sa_pb.

In general multiple Laplace transform of delta function in n dimensional

given by
L, [6(t1 —a1)d(ta — a2)..0(t, — ay)] = e 511752927 nan

where L;, means multiple Laplace transform in n dimensional. Kanwal,

(2004) defined the classical derivative of a function

f(t):{ g2(t), t>a
g(t), t<a

ft) =qi(t)H(a = 1) + g2()H(t — a)
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where a > 0 and g1, go are continuously differentiable function by

fi) =gi®)H(a —t) + g5(t) H(t — a)

for all ¢ # a see [3]. We try to extend Kanwal’s result from single variable

to two variables as

) = { g2(xz,t), ®>a, t>0b (38)

B gi(z,t), z<a, t<b
The above function can be written in the form
fla,t) = gi(z, ) H(a —2)H(b —t) + go(w,t)H(z —a)H(t = b)  (39)
where a > 0 and b > 0 and g1, g2 are continuously differentiable function

the classical partial derivative respect to ¢, x given by

H(a—w)H(b—t)%—agzgf’t)

_ 0g1(x,t)

- H(z —a)H(t—b).  (40)

Ji

If we take the derivative with respect to = in equation (40) we obtain

B 0?g1(x,t)

f = 0?ga(x,t)
b otox

H(a—x)H(b—t)+ LT

H(z —a)H(t—b) (41)

now if we take second partial derivative with respect to x we get

_ 0?g1(z,t)

%go(z, t)
fr = 00 A

H(a—2z)H(b—1t)+ 922

H(z—a)H(t—0b) (42)

similarly, we take second partial derivative with respect to ¢

0?g1(z,t)
Ot?

0?ga(z,t)

P H(w — o H(t-b)  (43)

fue = Ha—z)H(b—-1t)+
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for all x # a and t # b. The generalized partial derivative of equation (39)

with respect to x follows

folz,t) = ama(;j’t)H(a—x)H(b—t)—gl(x,t)d(a—x)H(b—t)

+ag2a(;j’UH($ — a)H(t — b) + 92($,t)(5(1‘ _ a)H(t _ b)

(44)

and the generalized partial derivative of equation (44) with respect to ¢

given by
- B g1 (x,t) 0?ga(x,t)
faor(z,t) = WH((L —x)H(b—1t)+ WH(m —a)H(t —b)
+8g2a(;c’t)H(x —a)d(t—0b) — agla(i’t)H(a —xz)d(b—1t)
0ga(x,t) g1 (z,t)
+T5(ac —a)H(t —b) — Té(a —x)H (b —1t)

+g2(x,t)6(x — a)d(t —b) + g1(x,t)0(a — x)d(b — t). (45)

Similar to the previous equation the generalized second partial derivative

with respect to = follows

2 X 2 X
Fola,t) = Wﬂ(a —2)H(b—1t) + 69596(2’”}1@ —a)H(t - b)
_2&;1@(?05@ —x)H(b—1t)+ QW(;(:E —a)H(t —b)
TN e G S SO L ) 0

ox ox

(46)
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and generalized second partial derivative with respect to ¢ given by

2 X 2 X
CR) Wﬂ(a ) H(b— 1) + WH(@« —a)H(t —b)
—QWH(CL —x)0(b—1t)+ 28g2gf’t)H(x —a)d(t—0b)

96(b — 1)

T go(z,t)H (z — G)M

+g1(x,t)H(a — x) 5

(47)

Now we use double Laplace transform for equation (42)

_ 0?g1(z,t)

%go(z, t)
for =00 A

H(a—z)H(b—t)+ 52

H(x—a)H(t—)

form definition of equation (38) and we take Laplace transform with respect

to x equation (42) becomes

a 2 oo 9
Lx[fm]ZH(b—t)/ fpxwdw—i—H(t—b)/ IR
0 a

ox? 0x?

(48)
if we integrate by part the first and second terms of equation (48), then we
obtain

— 8gl(a7t) ag1<07t) —
Lm Tx = H(b- ba - be )
] = 1) om0t OO om0,

FH(b—1) [—pgl(o, £+ /0 " g (2, t)dx}

+H(t—0b) {—epaagza(;m — pe Pgo(a, t)]

+H(t — b)p* /OO e Pgy(z,t)dx. (49)



62 Mathematical Modeling with Generalized Function

By taking Laplace transform with respect to t for equation (49), then we

obtain double Laplace Transform for equation (42) as

b 00
LtL:v[fxx] = pe P° [/ 6781‘/91 (a, t)dt — / efStQQ(a’ t)dt:|
0 b
b 00
+e7Pe [/ e’“wdt _/ estagQ(a’t)dt]
0 0 b

T ox

b t b
_/ i / e~*91(0,)dt + p*F(p,s)
0 0

X

(50)

where we assume that the integral exists. In particular if we substitute
a=0,b=0 and z,t > 0in equation (50), it is easy to see that the equation
(50) gives double Laplace Transform of second order partial derivative with

respect to x in classical sense as

LtLr[fzx] = pQF(pa 3) - 892{;278) - ng(Oa S) (51)

by the same way we take double Laplace transform with respect to x, t, for

equation (43) and we obtain

L.Lfu] = se~ 5P {/ e_pxgl(a:,b)da;—/ e_p””gg(x,b)dx}
0 a

_ @ 891(% b) / 2 092 (xa b)
sb pT pxr ZJ4\" 7T
+e {/0 e BT dx — ; e " dx

_/ Y e 3/ e P gi(x,0)dt + s*F(p, s)
0 ot 0

(52)

provided that the integrals exist. In particular if we substitute a =0, b5 =10

and z,t > 0 in equation (52) give double Laplace Transform of second order
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partial derivative with respect to ¢ in classical sense as

dg2(p,0)
ot

double Laplace transform of a mixed partial derivative of equation (41) by

Lth[ftt] = SZF(P, 5) — 392(177 0) -

similar way we obtain double Laplace transform for mixed partial deriva-

tives sa follows
Lth [ft:l?] - e_pae_Sb [gl (a,7 b) + QQ(G, b)] + g1 (07 O) - e_pagl (CL, 0)

b 00
—e7*%g1(0,b) + se P [/ e g1 (a,t)dt —/ eStgg(a,t)dt]
0 b
+pe=%b {/ e P g1 (z,b)dx —/ emgg(x,b)dx}
0 a

b a
s [ 00t —p [P 0de +psFp.s) (53
0 0

In particular if we substitute a = 0,b = 0 and =, ¢ > 0 equation (53) becomes

LiLolfu] = psE(p.s)+ g2(0,0) — s / e g (0, £)dt
0

e}
p/ e Prgo(x,0)dz (54)
0
equation (54) can be written in the form
LiL, [ft:(}] = pSF(p7 8) - SF(O7 8) - pF(pa 0) + 92(07 0) (55)

equation (55) give double Laplace Transform in classical sense for mixed

partial derivative with respect to x,t.
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Distribution Defined by Divergent Integrals
In this section we try to extend the idea of one dimension pseudo-function

to two dimensional. Now if we examine the function in the form

z "y ", x,y>0
flzy) =
0, z,y <0
H
- x(fyf) (56)
: e L, z,y>0
where n is positive integer and H(z,y) = then we can
0, z,y<O0

write in the form of tensor product as H(z,y) = H(x) ® H(y). We first

consider the simple case n = 1 there for study the integral

(f(ey). b(x,y)) = / / A@ OB 5 ) dady

_ /0 y[/o “4(z, y)dm]dy (57)

Now if we consider Taylor series as

¢(z,y) = ¢(0.0) +yy(0,0) + 2¢:(0,0) + zyip(x, y) (58)

where ¢ (x,y) defined by

1 1
1/1(96, y) = 7wy_1¢mz(070) + ¢$y(070) + §yw_1¢yy(070> +

2
l,n—l—kyk’—l 8n¢(t,t)
(n—k)k! dan—kdyk

+...+ for 0<t<1 (59)

is continuous function for z,y > 0, now further consider that the supp¢(z,y) C
[0,a] x [0,b] and a,b > 0. Let us going back to the integral inside bracket

in equation (57) have singularity at © = 0, for £ > 0 can be write it in the
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form of improper integral

/0 Lol y)dr = 13%/ L,y
= hm[ (0,0)Ina — ¢(0.0) Ine + y¢,(0,0) In

+1im [~y (0,0) Ine + agy(0,0) — £¢,(0,0)]

a

+lim i yb(z, y)d. (60)
Then it follows
*1
| potends = lim[60,0)lna - 6(0.0)lne + y0,(0,0)lnd)
0 E—r

+ lim [y, (0,0) Ine + ag.(0,0) — £¢,(0, 0)]

+lim / b z, y)de. (61)

We substitute (61) into (57) and apply the similar technique that we used
in above, for 5 > 0, and calculating the integrals and taking the limit yields
the Hadamard finite part of the divergent of equation (57) in the form of

2
pf (FEEEW) — O (o) ).

rY

In the next we study the pseudo-function, see Kanwal (2004) in case n = 2

as

0, z,y <0
f@y) = { 0 o
Yy 4, x,y>0
H(z,y)
- 2,2 (62)



66 Mathematical Modeling with Generalized Function

Let us now examine the above function

(F(xy), dzy) = / H;” D) o, y)dady

- I yQ[ | ot y)dx] dy.  (63)

By similar way we obtain Hadamard finite part for two dimensional of

above equation as follows

FP/ / H2 o y)dady = /oo /Oo quy(:v,y)<H(;’y))dxdy

+  ¢ay(0,0)
[ e ()

+/ / O(,y)0ay(z, y)drdy.
Finally yields the required the relation

o (P5) = 2 Lo (PE2) e, (0

We can continue the above analysis to generalized equation (64) as

(50 St (00 (2 e
65

We can generalize the distributional derivative from one dimension pseudo-

function see R. F. Hoskins(1979) and Kanwal (2004) and to two dimensional

cases.

Question: Now consider the equation

P(D)u= f(z,y)



Adem Kiligman 67

and multiply the differential operator by a function then what will happen
to the classification. Since convolution compatible with differentiation then
we can ask the question what will happen the new classification problem
of the

(Q(z,t) *xP(D))u = F(z,t).
For example,
(Q(z,t) x xP(Elliptic) ) u = F(x,t)

when it will be elliptic and on what conditions. Similarly,
(Q(z,t) x *P(Hyperbolic) ) u = F(x,t)

when it will be Hyperbolic and on what conditions.

We note that in the literature there is no systematic way to generate a par-
tial differential equation with variable coefficients from the PDE with con-
stant coefficients, however the most of the partial differential equations with
variable coefficients depend on nature of particular problems, see Kiligman

and Eltayeb [8] and Kiligman [13].

In particular, consider the differential equation in the form of

/1,

y" —y" + 4y — 4y = 2cos(2t) — sin(2t) (66)
y(0) = 1, y'(0)=4, y"(0) =1.
Then, by taking the Sumudu transform, we obtain:

ud (2u + 1) (u® + 3u+1)
(Au2+1)(1 —u+4u? —4u3) (1 —u+4u? —4ud)’

Y(u) =
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Replacing the complex variable u by %, Eq. (67) turns to:

1\ s(s+2) s(s*+3s+1)
Y(s> G P R O ) (68)

Now in order to obtain the inverse Sumudu transform for Eq.(68), we use

1 [t 1\ ds Y(1)
-1 _ st - 22 : st s
ST(Y(s)) = i Liw e’y (5) . E residues [e — |

Thus, the solution of Eq. (66) is given by:

1 1
y(t) = §3 sin(2t) — Zt cos(2t) + .

Now, if we consider to multiply the left hand side of Eq. (66) by the non

constant coefficient 2, then Eq. (66) becomes

x5 (v —y" +4y —4dy) = 2cos(2t) —sin(2¢) (69)

y(0) = 1 4 (0)=4, y"(0) = 1.

By applying a similar method, we obtain the solution of Eq. (69) in the

form:
) 3 .
y1(t) = cos(2t) — tsin(2t) + 2 sin(2t).

Now in order to see the effect of the convolutions we can see the difference

as ||y — y1|| on [0, 1], see the detail [42].

Question: How to generate a PDE with variable coefficients from the PDE

with constants coefficients. For example, if we consider the wave equation
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in the following example

U — Uy = G(x,1) (z,t) € R%
U(l‘,O) = fl(:E)’ ’LLt(JT,O) :gl($)
u(07 t) = fQ(t)a uz(ov t) = g2 (t) (70)

Now, if we consider to multiply the left hand side equation of the above
equation by non-constant coefficient Q(x, t) by using the double convolution

with respect to « and t respectively, then the equation becomes

Q(z,t) * * (uy — ugy) = Gx,t) (t,z) € R% (71)
U(IL‘,O) = fl(‘r)’ ut(l’,O) :gl(x)
u(07 t) = f2 (t), uw(oa t) = g2 (t) (72)

Thus the relationship between the solutions partial differential equations

with constant coefficients and non constant coefficients was studied in [13].

Application to Probability Theory

In order to present the application of generalized function to the theory of
probability and Random processes we assume the basic concepts are well
known for the probability space. For a random variable X we define its

probability distribution function F(x) as
F(z) = P{X <z} = P{X !(~00,2)}, z€R

and the function F' has the following properties

e [ is monotone
e [ is continuous from left and

e lim F(z)=1and lim F(z)=0.
T—00 T——00
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Now if the function F'(z) being a locally integrable function and defines a

generalized function

where ¢ is infinitely differentiable function. Accordingly,
(Fa).6@) = ~(Pla).d@) =~ [ Fad(a)ds

= @) F@), + / b(x) d(F(z))

= ({f(z),¢(x))

where f(x — 1is called the probability density function. The density

function f
o f(x) >0 forall z € R.
f(—=00) =0, f(oo) =1 we find that

) =
(x) has the following properties:
(
(=

/Z f(x)dx =

Tossing a Coin Let us consider the tossing of a coin. We assign the value
x = 0 if we obtain heads and the value x = 1 if we get tails. In order to

evaluate the probability distribution F'(z) we have the following:

(i) If head x = 0, if tails we have x = 1. Then the probability we

have only two cases, either {x = 0} or {z = 1} so that
x <0 yields F(z)=0, z<O0.

(i) 0<z<1= F(z) =3 and
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(iii) If > 1, F(z) = 1 thus we find

0 ifz <0
F(z) = % ifo<z<1
1 ifx>1

5 [H(@)+ Hz—1)

where H is the Heaviside function. Then the probability density function
is

f(@) =3 [6(z) +0(z - 1)].

N

In the case of Random variable X takes the values a1,a9,a3 , ..., a, with

the probabilities pi, po, ps3, . .. pn respective such that

n
> p=1
k=0
The generalized function

flx) =" prd(e —ap)
k=1

is the probability density function.

e If X has the Binomial distribution then

fl@y=>" <Z>pkq"k5(l‘ —k),0<p<1, g=1-p

k=1
then the Probability function

n

Fz)=Y (Z) PR FH(z — k).

k=1
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e If X has the Poisson distribution then the

i

then the

The Characterization of Random Variables

e Expectation Value of X

_ /G X (u)dP () = /_ ZxdF(x)= (x, f).

e The variance of X
D(x) = /G (X(u) - B(x))* dP(u)
-/ " (@ - B2)?dF(a)

—00

= ((z = B(2))*, f(x)).

e The m-moment of X
B - [ (Xt apt
— /OO ™ dF(u) = (2™, f(x)).

—00

Since the m-moment function of f(z) is defined by

/fxdw

Then we consider a test function ¢(x) and its Taylor series is

=Y ool

m=0
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then it follows by putting that ¢("™ (0) = (—=1)"(60™)(z), ¢(x)) then easily

we see that

flz) = Z (_W:rf(:nnﬁb)(;(m)@).
m=0

Now if we apply this to the asymptotic analysis we have
o (=) E(@™)

e 50 (2).

fz) ~

m=0

If f(z) = e "H(z) then the moments are
E(z™) = / e “z™m=T(m+1)=m!
0

the moment expansion is

in fact this is the case in the boundary layer problem.

The Characteristic function of a Random variable

Since the probability distribution f(x) is a generalized function we can find
its Fourier Transform. Thus

E(e™) = / T e f(2) da = F(f) = x(u)

—00
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and the
1 <
fo) = P~ (xla)) = o [ e oxta) du

2 J_

Now let us take x(u) = e then
1 oo

flx) = e_i"":x(u) du

2 J_

1 o0 . .
- = efzume)\w du
27 J_ o

S .

= / e 7@ gy = §(z — \).
—0o

Application to Economics Most models of the dynamical behavior of an

economic system usually assume that the variables of the system are the

function of the time. In fact this not general but reasonable assumption,

such as the price of the certain commodity or the prevailing interest rate.

The size of the capital stock can be observed at almost all times, but it
might suffer jumps when additions are made in a very short period. A Dirac
delta function placed at the instant of the jump is the best description of
the investment. The basic dynamic model for the investment decision of
the firm postulates that the investment schedule I(t) for ¢t > ty is chosen
at the time t = ¢y in such a way as to maximize the present value of the
future stream of profits.
oo
o=o(D)= [ "Vt 10) (AW K®) )}

where

e K(t) is the capital stock at the time ¢, then

K'(t) = dd—[; = I(t)
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e R(t,K) is the expected quasi-rent to be obtained from capital
stock of size K at time ¢,
e r([) is the cost of adjustment; and

e V(t) is the discount factor.

Then the cost of the adjustment is a non linear functional of the investment

1(t) given by

for a given discount factor V().

The Radon Transform and Tomography

Recently, impact of computer technology has informed us that there is a
great need of further developments of distribution theory in Applied Sci-

ences.

It turns out that all the conclusions about distributions in D can be ex-
tended to the distributions on multidimensional spaces. One encounter
the two-and three dimensional impulse symbols d(x,y) and d(x,y, z) as a

natural expansion of §. For example we can interpret

e the §(z,y) describes the pressure distribution over the (x, y)- plane
when a concentrated unit force is applied at the origin.
e the §(z,y, z) describes the charge density in a volume containing

a unit charge at the point (0,0, 0).
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Then we have

/ / O(x,y)de dy = 1

/_00 /_OO z,y,2)de dy dz = 1
0(z,y,2) = O(z,y) 6(2) = d(x) 6(y) 4(2)-

The basic problem of tomography is given a set of 1-D projections and the
angles at which these projections were taken, then the problem is how to

reconstruct the 2-D image from which these projections were taken.

In recent years the Radon transform have received much attention which
is able to transform two dimensional images with lines into a domain of
possible line parameters, where each line in the image will give a peak po-

sitioned at the corresponding line parameters.

This have lead to many line detection applications within image processing,
computer vision, and seismic. There are several definitions of the Radon
transform in the literature, but they are related, and a very popular form
expresses lines in the form R = x cos(#) +ysin(#), where 6 is the angle and

R the smallest distance to the origin of the coordinate system.

The Radon transform for a set of parameters (R,6) is the line integral
through the image f(x,y), where the line is positioned corresponding to
the value of (R, #). The delta § is the Dirac delta function which is infinite

for argument 0 and zero for all other arguments (it integrates to one).
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If the density distribution is f(x,y) which is not symmetrical but depends
on two coordinates, the scans may still be taken but they will depend on
the direction of the scanning 0, Calling the abscissa for each scan R we

define the Radon Transform
QO,R) = / / f(z,y)0(R — x cos — ysinB)dz dy.

The factor §(R — x cos @ —ysin 0) is zero everywhere except where its argu-
ment is zero, which is along the straight line x cosf 4 ysinf = R. In fact

this is equivalent with
Q(H,R):/ f(Rcos® —tsinf, Rsinf + tcos ) dt.

The collection of these Q(6, R) at all 6 is called the Radon Transform of
image f(z,y).



(1]
2]
8]

(4]

[10]

[11]

Bibliography

Aris, Rutherford (1994), Mathematical Modelling Techniques, New York : Dover.
Bender, E.A.(2000), An Introduction to Mathematical Modeling, New York : Dover.
Ambrose, W.(1980), Products of distributions with values in distributions, J. Reine
angew. Math. 315, 73-91.

Bremermann, H.(1966), Distributions, complex variables and Fourier Transforms,
Addison Wesley.

Constantinescu, F.(1980), Distributions and their Applications in Physics, Pergamon
Press.

Dirac, P. A. M.(1930), The Principles of Quantum Mechanics, Cambridge University
Press.

Farassat, F.(1994), Introduction to Generalized Functions With Applications in
Aerodynamics and Aeroacoustics, NASA Technical Paper 3428, NASA Langley
Research Center.

H. Eltayeb and A. Kiligman (2008), A Note on Solutions of Wave, Laplace’s and
Heat Equations with Convolution Terms by Using Double Laplace Transform, Appl.
Math. Lett., 21, pp. 1324-1329.

Fisher, B.(1971), The product of distributions, Quart. J. Math. Oxford Ser. (2) 22,
291-298.

Fisher, B.(1972), The product of the distributions =" and 6(”71)(30), Proc. Camb.
Phil. Soc. 72(1972), 201-204.

Fisher, B. , Biljana Jolevsaka-Tuneska and Kiligman, A.(2003), On Defining the
Incomplete Gamma Function, Integral Transform and Special Functions, 14(4), 293—
299.

78



[12]

(13]

[14]

[15]

[16]

[17]

18]

19]

20]

21]

22]
23]

[24]

[25]

[26]

27]

Adem Kiligman 79

Fisher, B and Kilicman, A.(1994), On the product of the function z" In(z + i0) and
the distribution (x+10)~°, Integral Transform and Special Functions, 2(4), 243-252.
Fisher, B. and Kiligman, A.(1995), Some commutative neutriz convolution product
of functions, Comment. Math. Univ. Carolin., 36(4), 629-639.

Fisher, B., Kiligman, A. and Ault, J. C.(1997), Generalizations of commutative
neutriz convolution product of functions, Novi Sad. J. Math., 27(2), 1-12.
Friedman, A.(1963), Generalized Functions and Partial Differential Equations,
Prentice-Hall, Englewood Cliffs, N.J.

Gel’'fand, I. M and Shilov, G. E.(1964), Generalized Functions, Vol I, Academic
Press.

Gittinger, W.(1955), Products of improper operators and the renormalization prob-
lem of quantum field theory, Progr. Theoret. Phys., 13, 612-626.

Hadamard, J.(1923), Lectures on Cauchy’s Problem in Linear Partial Differential
Equations.

Halperin, 1.(1952), Introduction to the Theory of Distributions, Canadian Mathe-
matical Congress, Lecture Series, No.1.

Heaviside, 0.(1893), On operators in mathematical physics, Proc. Royal. Soc. Lon-
don, 52, 504-529.

Hirata, Y and Ogata, H.(1953), On the exchange formula for distributions, J. Sci.
Hiroshima Univ., serie A, 22, 147-152.

Hormander, L.(1971), Fourier integral operators I, Acta Math., 127, 79-181.
Hoskins, R. F and Pinto, S. J.(1994), Distributions Ultradistributions and Other
Generalised Functions, Ellis Horwood.

Jones, D. S.(1973), The convolution of generalized functions, Quart. J. Math. Oxford
Ser. (2), 24, 145-163.

Kanwal, R. P.(1983), Generalized Functions: Theory and Technique. Academic
Press.

Kiligman, A. and Fisher, B.(1993), Further result on the non-commutative neutriz
product of distributions, Serdica, 19, 145-152.

Kiligman, A. and Fisher, B.(1994), Some results on the commutative neutriz product

of distributions, Serdica, 20, 257—-268.



80

28]

29]

30]

31]

32]

[33]

34]

[35]

[36]

37]

[38]

[39]

[40]

[41]

Mathematical Modeling with Generalized Function

Kiligman, A. and Fisher, B.(1995), On the non-commutative neutriz product
(2 Inz4) o x”%, Georgian Math. J., 3(2), 131-140.

Kiligman, A., Fisher, B. and Serpil Pehlivan(1998), The neutriz convolution product
of mi In" 24 and 2" In®° x_, Integral Transform and Special Functions, 7(3 — 4),
237-246.

Kiligman, A., Fisher, B. and Nicholas, J. D.(1998), On the commutative product of
B (z,n) and 6 (z), Indian J. Pure Appl. Math., 29(4), 397-403.

Kiligman, A. and Fisher, B.(1998), The commutative neutriz product of F(T)(m) and
69 (), Punjab J. Math., 31, 1-12.

Kiligman, A. (1999), On the commutative neutriz product of distributions, Indian J.
Pure Appl. Math., 30(8), 753-762.

Kiligman, A. (2000), Some results on the non-commutative neutriz product of dis-
tributions and T (), Bull. of Malaysian. Math. Soc., 23(1), 69-78.

Kiligman, A.(2001), On the non-commutative neutriz product T (z1) o 2’y Inx .,
Pertanika Journal of Science and Technology, 9(2),157-167.

Kiligman, A.(2001), A comparison on the commutative convolution of distributions
and exchange formula, Czechoslovak Math. J., 51(3), 463-471.

Kiligman, A. and Mohd. Rezal Kamel Ariffin (2002), Distributions and Mellin Trans-
form, Bull. of Malaysian. Math. Soc., 25, 93—-100.

Kiligman, A.(2003), A Comparison on the Commutative Neutriz Products of Distri-
butions, Journal of Mathematical and Computational Applications, 8(3), 343-351.
Kiligman, A.(2003), On the Fresnel Sine Integral and the Convolution, International
Journal of Mathematics and Mathematical Sciences, 37, 2327-2333.

Kiligman, A. (2004), A Note on Mellin Transform and Distributions, Journal of
Mathematical and Computational Applications, 9(1), 65-72.

Kiligman, A. and Hassan, A. M.(2004), A Note on the Differential Equations with
Distributional Coefficients, Math. Balkanica, 18(3 — 4), 355-363.

Kiligman, A.(2004), A Note on the Certain Distributional Differential Equations,
Tamsui Oxford Journal of Mathematical Sciences, 20(1), 73-81.



[42]

[43]

[44]

[45]

[46]

[47]

(48]

[49]

[50]

[51]

[52]

[53]

[54]

[55]

[56]

Adem Kiligman 81

Adem Kiligman, Hassan Eltayeb & Kamel Ariffin Mohd. Atan (2011), A Note On
The Comparison Between Laplace and Sumudu Transforms, Bulletin of the Iranian
Mathematical Society, Vol. 37 No. 1, pp 131-141.

Kirchhoff, G. R.(1882), Zur Theorie des Lichtstrahlen, In Sitzungsberichte der
Koniglichen preusseiche Akademie der Wissenschaften zu Berlin, 22, 641-669.
Konig, H.(1953), Neue Begrundung der Theorie der Distributionen, van L. Schwartz,
Math. Nachr. 9, 129-148.

Korevaar, J.(1955), Distributions defined by fundamental sequences, I-V, Proc. Kon.
Ned. Ak.v. Wetensch., ser. A. 58, 368389, 483-503, 663—674.

Mikusinski, J and Sikorski, R.(1957), The Elementary Theory of Distributions I,
Polska Akad. Nauk; Rozprawy Mat., 12.

Nagle, R. K. and Saff, E. B.(1996), Fundamentals of Differential Equations and
Boundary Value Problems, Addison Wesley.

Ng, Y. J. and van Dam, H.(2005), Neutriz Calculus and Finite Quantum Field
Theory, J. Phys. A: Math. Gen. 38, L317-1.323.

Nicholas, J. D., Kiligman, A. and Fisher, B.(1998), On the beta function and the
neutriz product of distributions, Integral Transform and Special Functions, 7(1 — 2),
35-42.

Schwartz, L.(1966), Theorie des Distributions, Hermann. Paris.

Sobolev, S. L.(1935), Le probleme de Cauchy dans ’escape des fonctionelles, Dokl.
Acad. Sci. URSS. , 7(8), 291-294.

Temple, G.(1953), Theories and applications of generalized functions, J. London
Math. Soc. 28, 134-148.

Temple, G.(1955), The theory of generalized functions, Proc. Roy. Soc. Ser. A 228,
175-190.

Tysk, J.(1985), Comparison of two methods of multiplying distributions, Proc. Am.
Math. Soc. 93(1985), 35-39.

Ummu, A. M. R. , Salleh, Z. and Adem Kiligman(2010), Solving Zhou’s Chaotic
System using Euler’s Method, Thai Journal of Mathematics, 8(2), pp. 299-309.
van der Corput, J. G. (1959-1960), Introduction to the neutriz calculus, J. Anal.
Math. 7, 291-398.



BIOGRAHPY

Adem Kiligcman was born in Hassa, Hatay, Turkey on 3rd February 1966.
He obtained his early education in Tiyek Koyu Ilkokulu He then completed
his secondary school at Hassa Ortaokulu and continued his upper secondary

in Hassa Lisesi.

Kiligman graduated with Bachelor of Science (Hons.) in Mathematics at
Hacettepe University, Ankara, Turkey in 1989 and stared to work in On-
dokuz Mayis University, in the Black Sea region. He then continued his
Master in the Hacettepe University and graduated in 1991. Kiligman was
sent to do his PhD in University Leicester and obtained his PhD in 1995

from University of Leicester, England.

Currently, Adem Kiligman is a Professor in the Department of Mathemat-
ics at University Putra Malaysia. His research interest includes Functional
Analysis, Topology as well as Differential Equations. He has published
several research papers in international journals and actively involved in
several activities in Department of Mathematics, Institute of Mathematical
Research(INSPEM) and Institute of Advanced Technology(ITMA). Adem
Kiligman is also the authors of three books Applied Mathematics for Busi-
ness and Economics, An Introduction to Real Analysis and Distributions

Theory and Neutrix Calculus.
Adem Kiligman is a Member of Several Associations, for example, he is
a Life Member of Malaysian Mathematical Sciences Society(PERSAMA),

Member of American Mathematical Society(AMS), Member of Society for

82



Adem Kiligman 83

Industrial Applications of Mathematics(SIAM), member of New York Acad-
emy of Sciences. He is an Editor-In-Chief in two international Journals
and also member on the Editorial Board of International Journals and Bul-
letins which some in the ISI listing and Kilicman is a Co-Editors in some
proceedings of International Conferences as well as National Conferences.
His research contributions are recognized and his name is listed in Who’s
Who in Science and Engineering (MARQUIS)(USA), The Contemporary
Who’s Who(USA), Great Minds of The 21st Century(UK), 2000 Outstand-
ing Intellectuals of the 21st Century by International Biographical Center,
Cambridge, UK.

Further, some of Kiligman’s research were listed in the Top 8/25 Hottest
articles, such as in Topology and its Applications(Elsevier), April - June
2007, and in the Top 5/25 Hottest articles, Applied Mathematics Letters
(Elsevier), October - December 2008. Apart from being a reviewer in the
several international Journals, Kiligman is also a Reviewer for American
Mathematical Society, Reviewer for Computing Reviews(USA) as well as

Reviewer for Zentralblatt Mathematik(Germany) since 2002.



84 Mathematical Modeling with Generalized Function

ACKNOWLEDGEMENT
And with Him all things have their end.

That is, human beings are sent to this world, which is the realm of trial and
examination, with the important duties of trading and acting as officials.
After they have concluded their trading, accomplished their duties, and
completed their service, they will return and meet once more with their
Generous Master and Glorious Creator Who sent them forth in the first
place. Leaving this transient realm, they will be honoured and elevated
to the presence of grandeur in the realm of permanence. That is to say,
being delivered from the turbulence of causes and from the obscure veils of
intermediaries, they will meet with their Merciful Sustainer without veil at
the seat of His eternal majesty. Everyone will find his Creator, True Object
of Worship, Sustainer, Lord, and Owner and will know Him directly. Thus,
this phrase proclaims the following joyful news, which is greater than all

the rest:

“O mankind! Do you know where you are going and to where you are being
impelled? As is stated at the end of the Thirty-Second Word, a thousand
years of happy life in this world cannot be compared to one hour of life
in Paradise. And a thousand years of life in Paradise cannot be compared
to one hour’s vision of the sheer loveliness of the Beauteous One of Glory.

And you are going to the sphere of His mercy, and to His presence.

That is, everything will return to the realm of permanence from the tran-
sient realm, and will go to the seat of post-eternal sovereignty of the Sem-

piternal Ever-Enduring One. They will go from the multiplicity of causes
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to the sphere of power of the All-Glorious One of Unity, and will be trans-
ferred from this world to the Hereafter. Your place of recourse is His Court,

therefore, and your place of refuge, His mercy.

Since this world is transitory, and since life is short, and since the truly
essential duties are many, and since eternal life will be gained here, and
since the world is not without an owner, and since this guest-house of the
world has a most Wise and Generous director, and since neither good nor

bad will remain without recompense, and since according to the verse,

On no soul does God place a burden greater than it can bear

Qur’an 2: 286

there is no obligation that cannot be borne, and since a safe way is prefer-
able to a harmful way, and since worldly friends and ranks last only till
the door of the grave, then surely the most fortunate is he who does not
forget the hereafter for this world, and does not sacrifice the hereafter for
this world, and does not destroy the life of the hereafter for worldly life,
and does not waste his life on trivial things, but considers himself to be
a guest and acts in accordance with the commands of the guest-house’s
Owner, then opens the door of the grave in confidence and enters upon

eternal happiness...
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