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Abstract: Promoting organic foods production and consumption contributes to accomplishing the
United Nations’ sustainable development goals. Social commerce provides a promising opportunity
to develop the organic food industry. However, there is limited knowledge regarding customer
behaviors in relation to purchasing organic foods via social commerce platforms. Therefore, this
study expanded upon the unified theory of acceptance and use of technology (UTAUT-2) to develop
a comprehensive model that explains how customers’ social commerce trust and behavioral inten-
tions to purchase organic foods using Instagram social commerce affect their purchasing behaviors.
The research model was analyzed by employing partial least squares structural equation modeling
(PLS-SEM) for the data collected from a quantitative survey of 410 customers who used Instagram
to purchase organic foods in Iran. The results revealed that Instagram social commerce-facilitated
purchasing conditions, hedonic motivations, social influence, ratings and reviews, and influencers’
endorsements positively influenced customers’ purchase intentions. Moreover, Instagram’s recom-
mendations and referrals, influencers’ endorsements, as well as social influence boost customers’
trust in the social commerce platform. Eventually, it was determined that influencers’ endorsements,
social commerce trust, and purchase intention determine a customer’s organic foods purchasing
behaviors. This research provides valuable insights for organic food marketers to optimize their
social commerce strategies.

Keywords: sustainable development; organic food industry; social commerce; influencer marketing;
UTAUT-2; purchase intention; social commerce trust; purchase behaviors; Iran

1. Introduction

With its rich agricultural heritage, Iran is recognized as one of the world’s most
ancient historical farming regions [1]. The economic foundation of this country is strongly
dependent on agribusiness [2,3]. Iran’s agribusiness revenue is predicted to increase
significantly, from USD 94.79 billion in 2024 to USD 135.70 billion in 2028 [4]. In the fiscal
year ending March 2023, Iran exported a total of USD 5.2 billion worth of agricultural
products, accounting for 6.37% of its total non-oil exports [5]. Moreover, the agricultural
industry constituted around 16% of Iran’s overall employment [6]. Even though this
industry plays a positive role in the economic growth of this country, it has also had a
number of adverse environmental consequences [7]. One of the most urgent environmental
issues that Iran is currently confronting is the severe threat of soil erosion [8]. The current
estimated rate of soil erosion in Iran is 16.5 tons annually, which is five times higher
than the average worldwide rate [9]. Soil erosion, as defined by the food and agriculture
organization (FAO) of the United Nations (UN), refers to the accelerated loss of topsoil
from the land’s surface via water, wind, and cultivation [10]. The process of soil erosion
can be significantly contributed to and expedited through unsustainable human practices,
particularly agricultural intensification, the destruction of forests, and excessive pasture
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usage, as well as unsustainable land use [10]. Soil erosion detrimentally affects the long-
term sustainability of farmlands [11].

Fortunately, environmental concerns such as soil erosion can be effectively addressed
through the implementation of organic agricultural practices [12–14], which is an essential
component of sustainable development [15,16]. Organic-based agriculture offers solutions
to the majority of challenges encountered in modern agriculture and food production,
which ensures improved soil health and the sustainability of ecosystems [17–19]. The
implementation of organic practices in the agriculture industry, which excludes the usage
of synthetic fertilizers, is projected to result in a 40% reduction in nitrous oxide emissions
from the soil per hectare [20]. In this regard, Skinner et al. [21] conducted experimental
research in Switzerland to determine the distinctions and impacts of organic and non-
organic agricultural practices. The results obtained from their investigation demonstrate
that organic agricultural systems yield 40.2% less nitrous oxide emissions per hectare.

Organic foods are defined as foods and beverages that adhere to organic production
regulations [19]. Iran’s primary organic food products consist of saffron, pistachios, dates,
walnuts, peaches, apples, olives, pomegranates, rice, tomatoes, potatoes, carrots, safflower,
figs, and roses, as well as medical herbs [22]. Evidently, there has been a worldwide increase
in customer demand for organic food products [23], and consumers’ environmental and
health concerns have become a significant factor driving this trend [24]. However, despite
the global trend towards organic food production and consumption to improve human
health and sustainability, there have been no significant efforts to organize and promote
organic agriculture in Iran [25].

Even though organic agriculture has made progress in Iran [22,26], it still only makes
up slightly more than 0.015% of the country’s total agricultural acreage [27], which is
significantly lower than the global rate of 1.6% [27]. Moreover, the current developments in
Iran’s agricultural sector are still far from meeting the target set in Iran’s vision 2025, which
aims to achieve a 25% compliance with organic agriculture principles [22]. One of the
primary reasons for the comparatively small size of the organic food industry in developing
countries, such as Iran, is the lack of readily available sales and marketing channels [28–31].
Notwithstanding these issues, organic food businesses might overcome challenges caused
by limited access to conventional retail markets by expanding their operations toward
social commerce marketing through social networking sites (SNS) [32,33].

Social commerce (SC) is an emerging technology within the realm of electronic com-
merce (e-commerce) that leverages SNS to facilitate online commerce activities and transac-
tions [34]. The advent of SC technologies has transformed the landscape of online shopping
by fostering robust connections between online businesses and their customers [35]. Mean-
while, the popularity of SNS facilitates the global expansion of SC [36], allowing customers
to purchase online while also exchanging information, such as commenting on their shop-
ping experiences and rating their overall satisfaction [37].

In 2022, the SC sector generated approximately USD 728 billion in income globally [38].
This number is anticipated to show a compound annual growth rate (CAGR) of 31.6% from
2023 to 2030 and reach around USD 6.2 trillion by the end of this period [38]. This figure
underscores the significance of SC and emphasizes the importance of acknowledging its
potential for businesses. Moreover, the crucial role of SC in promoting socio-economic
stability is increasingly being recognized in the context of the COVID-19 pandemic and
its aftermath [39–41]. Although there is considerable potential for the development of the
organic food industry through SC platforms [42,43], there remains a lack of understanding
regarding the factors that influence customers’ behaviors in relation to using such platforms
for purchasing organic food products [33,42,44].

In Iran’s agribusiness sector, the intense competition in the e-commerce market and
highly perishable nature of organic foods have led to the rapid growth of Instagram
as an effective platform for consumers to buy organic foods [32]. Instagram is one of
the most popular social networking platforms in the world, particularly among Iranian
users [45,46]. In 2022, the value of SC on Instagram in Iran was estimated to be USD
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84.4 million [47]. This platform was especially important to Iran’s economy during the
COVID-19 pandemic [48]. Leveraging Instagram as an SC platform for marketing and
selling products and services is an emerging field of knowledge [49]. Thus, given the
unique characteristics and functionalities of each SNS [50], Instagram was selected for this
research to minimize potential biases that may arise from choosing multiple platforms.

The unified theory of acceptance and use of technology (UTAUT-2) [51] is employed
as the theoretical foundation for the research model due to the fact it fulfills the underlying
notion of this study, which is exploring costumers’ behavioral intentions and actual behav-
iors towards using Instagram’s social commerce technology for purchasing organic food
products. Based on the literature reviews, the UTAUT-2 is one of the most comprehensive
theories/models in the realm of individual consumer technology acceptance and usage
behaviors owing to its holistic approach [52]. Moreover, UTAUT-2 has been tested in
numerous studies, all of which have found it to be valid in explaining an individual’s
technology adoption in consumption circumstances [53–55].

The primary objective of this research is to address the knowledge gap in the field
of organic food marketing, with a particular emphasis on SC via the Instagram platform.
Therefore, it employs a holistic approach to explore consumer trust, intentions, and be-
haviors towards using Instagram social commerce, while taking into account the specific
context of organic food products. The results of this study will make a significant contribu-
tion to the current social commerce literature and serve as a valuable resource for future
researchers studying the organic food business in Instagram social commerce settings.
Moreover, the findings of this study can greatly assist organic food businesses in enhancing
the purchasing experience for their customers and optimizing their SC strategies.

This article is organized as follows: It commences with a synopsis of the SC literature
and organic food sector. After presenting the research hypotheses and model, the research
methodology and statistical analysis results are detailed. The paper concludes with research
implications, limitations, and recommendations for future studies.

2. Literature Review

SC technology is commonly regarded as an extension of e-commerce, and is enhanced
through web 2.0 (internet 2.0) capabilities and facilitates more user interaction and engage-
ment [56]. The concept of SC was first used in 2005 when Yahoo.com launched “Yahoo
Shoposphere” to describe a new collaborative shopping mechanism on its webpage [57].
Four years later, Flowers.com, which was a flower and gift business, established the first
Facebook-based online marketplace in 2009, which can be considered as the formal launch
of SNS-based commerce [58]. Scholars from various academic disciplines, ranging from
social science, ICT, and marketing to consumer behavior, have been conducting studies
exploring SC technologies [59]. The early studies predominantly centered on SC inception,
distinguishing features, and architectural designs [60]. The current SC literature, however,
primarily investigates the related variables that impact customers’ purchasing intentions
and behaviors [59].

In light of the rising popularity of SNS [61], and the growing usage of SC technolo-
gies [62], the organic food industry today has an unprecedented opportunity to develop
and prosper by leveraging SNS-based SC technologies for marketing and selling their
products [42,43]. However, there has been a scarcity of research that focuses on how con-
sumers of organic food products perceive SNS-based SC as an online commerce channel
for purchasing these products [33]. Furthermore, despite the vital role that consumer trust
plays in SC [63], its determinants are still inadequately comprehended [64,65], especially in
the Middle East’s SC sector [66].

In addition, the current literature regarding the impact of social media influencers’
(SMIs) endorsements on customers’ online purchase intentions is limited [67]. In particular,
additional investigation is required to ascertain how SMIs-based marketing influences
consumers’ behaviors in SC contexts [68,69]. Meanwhile, the overwhelming majority of pre-
vious studies on SMIs-based marketing have concentrated on the apparel, cosmetics, and
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tourism businesses [68]. Therefore, there is a need for further research into the possible ef-
fectiveness of influencer-based marketing in other sectors, including the food industry [70].
Moreover, the existing SC studies have overtly focused on customers’ purchase intentions
as a proxy for their purchasing behaviors, neglecting the long-existing intention–behavior
gap [71–73], which has limited their practical applications [74].

In order to address the aforementioned gaps, this study aims to investigate the under-
lying mechanisms that affect customers’ SC trust and behavioral intentions toward buying
organic food products through the Instagram platform. The notion of customers’ trust is
complex and has multiple aspects [63]. However, the present study concentrates specifi-
cally on the institutional dimension of trust that underlies Instagram as an SC platform.
Hence, the combined questions in this research can be framed as follows: What are the
determinants within the Instagram SC context that shape the customers’ SC trust and their
intention to engage in purchase behaviors on this platform, and how do these determinants
impact their actual purchasing behaviors?

To ensure a comprehensive examination of the research questions, this study incor-
porated management-, person-, and technology-related factors. This research primarily
examined the phenomenon of Instagram social commerce within the organic food industry
at a managerial level. The factors classified within the person-related dimension encompass
SC constructs, social media influencer endorsement, social influence, SC trust, purchase
intention, and purchasing behaviors. Ultimately, the technology component encompassed
elements such as the platform’s accessible resources and capabilities for conducting online
purchases. Accordingly, this paper explores a variety of social, technical, and socio-technical
factors in an effort to develop a comprehensive framework that can be used to better under-
stand the trust, intentions, and behaviors of the customers who employ Instagram as an SC
platform for purchasing organic food products.

3. Development of Hypotheses and Research Model

Venkatesh et al. [51] define performance expectancy (PE) as practical utilities that
impact an individual’s inclination to adopt new technologies. PE has been identified as
an important determinant of customers’ purchase intentions in various online commerce
channels, including omnichannel technology [75], fresh e-commerce platforms [76], online
group buying platforms [77], and SC platforms [78]. Hence, it can be assumed that the
customers’ perceptions of Instagram’s SC performance in relation to purchasing organic
food products will have a direct impact on their purchase intention (PI), as well as an
indirect impact on their purchasing behavior (PB) through the mediating role of PIs. Hence,
the following hypotheses are formulated:

H1a. PE has a positive and significant effect on PI.

H1b. PE mediates the relationship between PI and PB.

The concept of effort expectancy (EE) describes a user’s perception that a given tech-
nology is relatively simple to learn and use [51]. EE is recognized as a key factor affecting
customers’ purchase intentions across e-commerce technologies, such as online open market
platforms [79], m-commerce applications [80], and SC platforms [78]. Therefore, this study
postulated that consumers’ perceptions regarding Instagram’s ease of usage with regard to
purchasing organic food products will significantly impact their purchase intentions, as
well as their actual purchasing behaviors through the mediating role of PI. Accordingly, the
following hypotheses have been developed:

H2a. EE has a positive and significant effect on PI.

H2b. EE mediates the relationship between PI and PB.
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As defined by Venkatesh et al. [51], facilitating conditions (FCs) pertain to the users’
perceptions regarding the extent to which a particular technology can assist them in
effectively completing specific tasks. FCs serve as a fundamental predictor within the
UTAUT-2 model, influencing users’ intentions towards using new technologies [81]. It
has been determined that platform-facilitated purchasing conditions favorably impact the
customers’ SC-based purchase intentions [82,83]. In the context of the current research,
it is essential to take into consideration the recent developments in the SC capabilities of
the Instagram platform [84]. These enhancements aim to streamline customers’ online
purchasing experiences [85]. Therefore, it can be expected that Instagram’s SC facilitators
have a direct impact on PI, as well as an indirect impact on PB via the mediating mechanism
of PI. This line of reasoning resulted in the subsequent hypotheses:

H3a. FC has a positive and significant effect on PI.

H3b. FC mediates the relationship between PI and PB.

Hedonic motivation (HM) refers to the perception of enjoyment derived from using
technologies [51]. The consumers who enjoy using Instagram for SC purposes have been
reported to be significantly more inclined to purchase available products [49]. In this regard,
Rahman et al. [65] stated that HM positively and significantly impacts a customer’s propen-
sity towards using SC platforms for purchasing perishable food products. Therefore, it can
be anticipated that the hedonistic motives behind purchasing organic food products using
Instagram social commerce directly impact customers’ purchase intentions and indirectly
impact their purchasing behaviors through the mediating role of PI. The aforementioned
discussion resulted in the development of following hypotheses:

H4a. HM has a positive and significant effect on PI.

H4b. HM mediates the relationship between PI and PB.

The phenomenon in which the views of their peers influence an individual’s decision
to adopt and use a particular technology is known as social influence (SI) [51]. The impact
of SI on customers’ purchasing intentions across different online commerce technologies
has been highlighted in earlier studies [65,86]. Moreover, it has been indicated that SI has
favorable influence on customers’ SC trust [87]. In this regard, Maulida et el. [88] stated
that SI significantly affects customers’ trust towards SC on the TikTok platform. In addition,
SI holds significant relevance in current research due to the fact that Middle Eastern nations
are typically characterized as collectivist cultures [89]. As a collectivist society, the decision-
making processes of the Iranian people are profoundly affected by their social circles [89,90].
In light of these considerations, this study posits that SI has a favorable influence on both
PI and SCT, as well as an indirect effect on PB via two mediators: PI and SCT. Accordingly,
the following hypotheses have been formulated:

H5a. SI has a positive and significant effect on PI.

H5b. SI mediates the relationship between PI and PB.

H6a. SI has a positive and significant effect on SCT.

H6b. SI mediates the relationship between SCT and PB.

Social commerce constructs (SCCs) refer to the functionalities that have been added
to e-commerce platforms with the aim of enhancing their interactivity [91]. This study
investigated two components of SCCs: recommendations and referrals (RERs), and ratings
and reviews (RARs). These SCCs are determined to have a positive impact on customers’
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SC-based purchase intentions [41]. In addition, it has been stated that SCCs can help
customers to manage the overwhelming amount of information in SC platforms and focus
on the appropriate products and merchants [92]. In turn, perceived knowledge develops
customers’ trust towards the SC platforms being used [93]. Hence, this study hypothesized
that SCCs have favorable influence on PI and SCT, as well as an indirect effect on PB via
two mediators: PI and SCT. Accordingly, the following hypotheses have been developed:

H7a. RERshave a positive and significant effect onPI.

H7b. RERs mediate the relationship between PI and PB.

H8a. RERshave a positive and significant effect onSCT.

H8b. RERs mediate the relationship between SCT and PB.

H9a. RARshave a positive and significant effect onPI.

H9b. RARs mediate the relationship between PI and PB.

H10a. RARshave a positive and significant effect onSCT.

H10b. RARs mediate the relationship between SCT and PB.

Social media influencers (SMIs) are people who actively participate in creating and
sharing information on their social media accounts and have become renowned for their
expertise in various fields, such as fashion, beauty, fitness, and health [94]. Endorsements
are widely employed by businesses as prominent SMI-based marketing strategies to pro-
mote their products [95–97]. A social media influencer’s endorsement (SMIE) is found to
be a significant determinant of customers’ purchase intentions across online commerce
technologies, including e-commerce [67], and SC platforms [88]. Moreover, there seems to
be a notable correlation with consumer trust regarding SMIs and the technology that they
endorse [98]. Given that Instagram is a popular platform for SMI-based marketing [96,99],
this study posits that SMIEs enhance both PI and SCT. In addition, it has been stated that
SMIEs have a significant impact on SC customers’ purchasing behaviors [100]. Therefore,
it is expected that SMIEs will favorably affect PB both directly and indirectly through the
mediating roles of two factors: SCT and PI. The aforementioned considerations resulted in
the development of the following hypotheses:

H11a. SMIEs have a positive and significant effect on PI.

H11b. SMIEs mediate the relationship between PI and PB.

H12a. SMIEs have a positive and significant effect on SCT.

H12b. SMIEs mediate the relationship between SCT and PB.

H13. SMIEs have a positive and significant effect on PB.

Social commerce trust (SCT) refers to customers’ perceptions of the provided assis-
tance and support on a given SC platform, which simplifies their online purchasing experi-
ence [64]. It has been argued that trust facilitates online transactions in SC settings [66,101].
Moreover, it has been stated that trust positively influences customers’ SC-based purchase
behaviors [102]. Accordingly, this study proposes that SCT significantly influences PB.
Hence, the hypothesis that follows was developed:
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H14. SCThas a positive and significant effect onPB.

It has been determined that consumers’ behavioral intentions regarding using online
commerce platforms play a crucial role in shaping their subsequent usage behaviors [103].
This research posits that customers’ behavioral intentions towards using the Instagram
platform for purchasing organic food products significantly and positively impact their
subsequent purchasing behaviors. Accordingly, the following hypothesis is proposed:

H15. PIhas a positive and significant effect onPB.

The credibility of the UTAUT-2 as one of the most comprehensive models for ex-
plaining the technology acceptance and usage behaviors of individual consumers [104]
makes it the most suitable model for current investigation. Nevertheless, in order to further
enhance the applicability of the UTAUT-2 model in the context of SC on Instagram, this
study expanded it through incorporating SCCs and SMIEs as novel exogenous constructs.
In addition, SCT has been introduced as an additional mediation mechanism within the
UTAUT-2’s framework. This study further considers the impact of three demographic
variables, namely customers’ age, gender, and frequency of using SC (SCF), in order to
perform a thorough analysis and ensure that the empirical findings are not influenced
by other factors. Accordingly, a thorough analysis is conducted on the paths through
which consumers’ usage of Instagram social commerce is influenced by SCT, SMIEs, and PI.
Throughout these interactions, various aspects are taken into account, including sociability,
practicality, and the alignment between the socio-personal and technological elements.
Figure 1 illustrates the model constructed for this research.
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4. Research Methodology
4.1. Research Design

Exploratory descriptive research was conducted in this study by using a quantitative
online survey to investigate the research hypotheses. However, in order to determine
potential factors influencing consumers’ intentions and behaviors when using Instagram
social commerce to buy organic foods, this research first undertook a qualitative stage. This
was followed by a quantitative phase that included the use of an online survey instrument
for data collection and data validation analysis. The two stages of the study are addressed
in the sections that follow.

4.2. Qualitative Stage

For the qualitative phase, 10 customers who had previously used Instagram as a means
of purchasing organic food products were the subjects of semi-structured interviews [105].
A convenience approach was used to identify customers with varying sociodemographic
attributes. The goal of the 20 min online interviews was to find out the considerations
customers have when deciding whether or not to use Instagram social commerce for organic
food purchases. Therefore, semi-structured guidelines have been adopted, including
questions regarding the frequency of their SC usage, the products they frequently search for
and intend to purchase through Instagram, and the attributes that are thought to be most
crucial for completing the process of buying organic foods via Instagram social commerce.
The respondents were further asked to provide information relevant to their most recent
Instagram-based purchases along with the factors that affect their decision to make an
online purchase on this platform. Lastly, the interviewees were questioned on the extent to
which their trust in a social commerce platform might be influenced by recommendations
and referrals about the organic food products available on that platform, including opinions
from peers, recommendations from social media influencers, and the ratings and reviews
posted by other people about their experience using the platform for the purchase of
organic foods.

The data gathered from the interviews were then analyzed by employing the categori-
cal analysis method, which included creating categories using interpretative steps [106].
The interview results validated some of the most frequently cited variables in the literature,
as well as the UTAUT-2 factors, as influencing factors on consumers’ intentions to make
purchases online on Instagram, their perception of trust in the platform, and their actual
use of the platform for purchasing organic foods. However, it has been noted that the
majority of the interviewees emphasize trust in the platform as an important requirement
when performing online purchases. Also, aspects such as being a platform recommended
by the important people in their social circle, and that platform being endorsed by trusted
people, such as social media influencers, are some of the primary ways to ensure that the
platform is trustworthy for being used as a means of online shopping.

In addition, expert interviews were carried out in order to gain their insights regarding
the research model. Acquiring insight from subject matter experts can add a great deal of
value to the research due to the fact their perspectives and knowledge are grounded in
first-hand observations and experiences. The expert reviewers in this study were chosen
based on their relevant experience and related projects. Accordingly, a panel of 20 experts,
including academic experts in the field of customer behavior and business owners and
executives from top organic food companies operating in Iran’s SC market, were selected to
review and evaluate the research findings. The experts were provided with an introduction
to the study, including its objective. The experts’ assessments of the research model demon-
strate that it holds the potential to illustrate customers’ trust, intentions, and behaviors
with regard to purchasing organic food products through Instagram social commerce. The
results of the qualitative stage demonstrate that the convenience of using the platform for
online shopping, the trust that users have in it, the recommendations and referrals made by
other users, the reviews shared by other users, the practicality of the platform for making
online purchases, and the recommendations of key figures, such as social media influencers
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and trusted friends and family members, are what motivate customers to use Instagram
social commerce for purchasing organic foods.

4.3. Quantitative Stage

The variables incorporated within the research framework were measured using a
psychometric instrument, and the numerical information that was eventually collected was
analyzed using statistical procedures [107]. Employing a quantitative method helps ensure
that the findings of this study can be generalized and replicated [107]. This study focused
on Iranian individuals aged eighteen and above who had experience purchasing organic
food products through Instagram’s social commerce platform. A cross-sectional study was
undertaken to gather the information from the research sample. In order to test the research
hypotheses, partial least squares structural equation modeling (PLS-SEM) was performed
using Smart-PLS 4. PLS-SEM is appropriate for conducting exploratory research [108], and
PLS is one of the most commonly employed structural equation modelling (SEM) methods
in social science [109]. Moreover, this study presented a comprehensive model with eleven
latent and forty-two observed variables, with PLS-SEM being highly efficient at estimating
such a complex model [110].

4.4. Measurement Development

The measured constructs in this research were derived from previous studies and
adapted to align with the specific context of SC on Instagram. A seven-point Likert scale
was used [111]. The survey items used for PE, EE, SI, HM, FC, and PI were adapted from
Venkatesh et al. [51]. The measures employed for SCCs were adapted from Li et al. [91]. The
items used for measuring SCT were adapted from Sharma et al. [64] and operationalized
into an Instagram social commerce context. The measures used for SMIEs were adapted
from Alotaibi et al. [112]. Lastly, the survey items for PB were adapted from Saffanah
et al. [113], who first developed them in relation to Instagram social commerce.

These measurement items were further subjected to multiple tests in order to validate
their capacity for assessing the components within the proposed research model. In order to
ascertain the reliability of the survey items, a panel of 4 university professors specializing in
marketing and economics, 10 business experts, and 5 individuals with prior experience of
using Instagram for online purchases assessed the survey items and provided their feedback.
The survey’s validity was confirmed in light of the minor modifications recommended
by the reviewers. Afterward, a pilot study including a sample of 50 participants was
conducted to verify the precision of the initial scales and ascertain their appropriateness
for the intended purpose [114]. Given the findings of the pilot test, all of the variables
exhibited a high degree of internal consistency and proved to be reliable.

4.5. Data Collection

Because the public does not yet have access to a list of customers who use this platform
for shopping purposes in Iran, non-probability and purposive sampling methods were
used to collect the data [107]. The survey was carried out online using the JotForm platform.
Following the recommendations of Podsakoff et al. [115], the prerequisite for the data
collection procedure in this study was to ensure that the participants’ responses were
grounded in concrete experiences with Instagram-based shopping, rather than hypothetical
ones. Thus, by incorporating attention checker and screening questions, Iranian adults aged
18 and above with experience of using Instagram for purchasing organic food products
over the six months leading up to the data collection period were selected as participants
for completing the questionnaire.

The survey’s link was circulated via several social networking platforms, including
Facebook, X (formerly known as Twitter), TikTok, and Instagram, from mid-November 2023
to 25 December 2023. The respondents were assured of the confidentiality and anonymity of
the information they provided, which enabled them to express themselves openly and share
their genuine opinions and feelings [114]. After checking for missing values and removing
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the univariate and multivariate outliers, a total of 410 valid, accurate responses from
1377 participants made up the final data set for the current investigation. The statistical
software SPSS 29 was used to obtain descriptive statistics on the demographics of the
respondents (Table 1).

Table 1. Participants demographics (n = 410).

Demographic Frequency Percentage %

Gender
Male 151 36.8%

Female 259 63.2%

Age

18–24 28 6.8%
25–34 176 42.9%
35–44 158 38.5%
45–54 37 9%
55–64 11 2.7%

Social Commerce
Frequency

Multiple times a day 18 4.4%
Daily (once a day) 10 2.4%

Very often (4–6 times a week) 31 7.6%
Often (2–3 times a week) 47 11.5%
Sometimes (once a week) 47 11.5%

Occasionally (2–3 times a month) 118 28.8%
Rarely (once a month or less) 139 33.9%

5. Data Analysis and Results

In this research, a two-stage assessment, which included the measurement model and
structural model analysis, was carried out [108]. The following sub-sections discuss the
results obtained in each of these steps.

5.1. Measurement Model

The measurement model’s assessment in this study included evaluations of the consis-
tency and reliability, as well as convergent and discriminant validity [108]. According to the
results reported in Table 2, the majority of the items demonstrate excellent outer loadings
exceeding 0.7. However, four items, including FC4, RERs4, SCT1, and SCT4, exhibited
loadings that fall within the acceptable range from 0.45 to 0.70 [116].

The Cronbach’s alpha (CA) test was used to evaluate the internal consistency of the
variables. As shown in Table 2, all of the scales had sufficient CA values that fell between
0.70 and 0.901, with the exception of FC (CA = 0.69), which had a value that could be
considered as minimally acceptable [117]. Also, the construct reliability (CR) values of all
the latent variables surpassed the required minimum of 0.7 [118]. In light of the results
from the CA and CR analyses, it can be concluded that the scales demonstrate an adequate
level of reliability. Moreover, all the average variance extracted (AVE) values exceed the
cut-off value of 0.5 [118]. Accordingly, the measurement model’s analysis results revealed
that the research constructs have satisfactory convergent validity, and the measurement
model exhibited good internal consistency. The discriminant validity was evaluated using
the heterotrait–monotrait (HTMT) criteria [119]. The measurement items did not display
any cross-loadings. Also, as demonstrated in Table 3, in all instances, the HTMT values
are lower than the recommended threshold of 0.90 [120], indicating that the discriminant
validity criteria were accomplished.

5.2. Common Method Bias (CMB)

The common method bias (CMB) is a prevalent measurement error that occurs when
researchers attribute variations in outcomes to factors other than the construct under
investigation [108]. The percentage of variation that may be attributable to CMB differs
according to the research field [120]. In behavioral research, CMB might occur when the
co-variance accounted for by a single component exceeds 40.7% [115]. To mitigate this bias,
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we first took measures to ensure that all the participants had a clear understanding of the
survey’s confidentiality protocols as well as the nature of the questions being asked. Next,
we performed Harman’s one-factor test. The common factor accounts for 34.924% of the
variance in the model, indicating that CMB was not a major issue in this study.

Table 2. Cross-loading, validity, and reliability.

Construct Items Mean Std.
Deviation

Outer
Loadings

Cronbach’s
Alpha ∂

CR AVE VIF

Performance
Expectancy

PE1 5.55 1.209 0.789 0.773 0.869 0.688 1.407
PE2 5.47 1.286 0.847 1.795
PE3 5.54 1.306 0.851 1.740

Effort Expectancy

EE1 5.79 1.248 0.766 0.810 0.874 0.634 1.710
EE2 5.61 1.256 0.799 1.692
EE3 5.64 1.232 0.817 1.636
EE4 5.70 1.263 0.802 1.591

Facilitating
Condition

FC1 5.58 1.297 0.711 0.690 0.810 0.517 1.335
FC2 5.64 1.251 0.716 1.337
FC3 5.59 1.258 0.758 1.284
FC4 5.49 1.395 0.689 1.270

Hedonic
Motivation

HM1 5.32 1.365 0.867 0.838 0.902 0.755 2.036
HM2 5.25 1.363 0.874 1.907
HM3 5.36 1.376 0.865 1.955

Social Influence
SI1 5.05 1.351 0.895 0.841 0.904 0.759 2.324
SI2 4.99 1.335 0.848 1.800
SI3 4.93 1.470 0.869 2.050

Recommendation
and Referrals

RERs1 5.49 1.397 0.712 0.756 0.843 0.575 1.480
RERs2 5.06 1.437 0.829 1.577
RERs3 5.27 1.469 0.791 1.613
RERs4 5.70 1.219 0.693 1.308

Rating and
Reviews

RARs1 5.51 1.214 0.736 0.700 0.831 0.621 1.366
RARs2 5.01 1.364 0.826 1.340
RARs3 5.19 1.424 0.800 1.389

Social Media
Influencer

Endorsement

SMIEs1 4.44 1.877 0.847 0.901 0.927 0.717 2.439
SMIEs2 4.52 1.814 0.832 2.371
SMIEs3 4.52 1.791 0.881 2.868
SMIEs4 4.20 1.914 0.857 2.639
SMIEs5 4.94 1.748 0.815 2.051

Purchase Intention
PI1 5.29 1.181 0.860 0.817 0.891 0.732 1.916
PI2 5.13 1.308 0.863 1.884
PI3 4.95 1.399 0.844 1.687

Social Commerce
Trust

SCT1 5.43 1.360 0.694 0.842 0.883 0.559 1.524
SCT2 4.88 1.518 0.813 2.003
SCT3 4.99 1.501 0.818 2.218
SCT4 5.46 1.398 0.630 1.811
SCT5 4.71 1.738 0.784 2.155
SCT6 5.62 1.339 0.729 1.880

Purchase Behavior

PB1 4.97 1.546 0.886 0.901 0.931 0.771 2.710
PB2 5.11 1.473 0.875 2.529
PB3 5.11 1.555 0.893 2.882
PB4 5.01 1.711 0.858 2.292
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Table 3. Discriminant validity (HTMT).

EE FC HM PB PE PI RARs RERs SCT SI SMIEs

EE

FC 0.839

HM 0.537 0.719

PB 0.228 0.463 0.519

PE 0.690 0.858 0.655 0.436

PI 0.429 0.667 0.630 0.865 0.607

RARs 0.371 0.520 0.511 0.525 0.491 0.597

RERs 0.443 0.621 0.518 0.570 0.564 0.570 0.655

SCT 0.359 0.646 0.649 0.787 0.575 0.771 0.617 0.723

SI 0.407 0.620 0.637 0.652 0.635 0.689 0.545 0.538 0.673

SMIEs 0.109 0.367 0.437 0.737 0.347 0.639 0.576 0.553 0.817 0.546

5.3. Structural Model Analysis

The structural model offers insights into the degree to which the theoretical model
accurately predicts the expected relationships [108]. In accordance with the principles
recommended by Hair et al. [108], this study assessed the structural model through the
following procedure: (1) testing for multicollinearity issues, (2) the assessment of the path
coefficient, (3) the assessment of the coefficient of determination (R2), (4) the assessment of
effect size (f 2), and (5) the assessment of predictive relevance (Q2).

The variance inflation factor (VIF) values range from 1.270 to 2.882, as reported in
Table 2. The determined values are below the threshold of five [108] and are relatively
close to three or lower, aligning with the recommended optimal range suggested by Hair
et al. [108]. In light of these results, it can be concluded that there is no cause for concern
regarding collinearity issues among the predictor variables [108].

This study used a resampling bootstrap method to assess both the size and significance
of the path coefficients, in which 410 samples were drawn 5000 times [121]. However, when
bootstrapping is conducted using non-normal data, it is plausible that the final distributions
will exhibit peakedness and skewness [108]. To address this concern, bias-corrected and
accelerated (BCa) bootstrapping, which effectively adjusts for the impact of skewness on
confidence intervals, was applied in this research [108].

As reported in Table 4, the analysis results indicate that FC (β = 0.132, t = 2.246,
p < 0.05), HM (β = 0.121, t = 2.059, p < 0.05), SI (β = 0.198, t = 4.059, p < 0.001), RARs
(β = 0.081, t = 2.008, p < 0.05), and SMIEs (β = 0.296, t = 5.764, p < 0.001) stand out as the
significant predictors of PI. Accordingly, Hypotheses 3a, 4a, 5a, 9a, and 11a were confirmed.
Meanwhile, it has been determined that there is no statistically significant relationship
between PE, EE, and RERs and PI, leading to the rejection of Hypotheses 1a, 2a, and 7a. The
effect size measurements indicated that RARs (f 2 = 0.009), FC (f 2 = 0.016), HM (f 2 = 0.017),
SI (f 2 = 0.045), and SMIEs (f 2 = 0.104) contribute to the R2 value of PI, explaining a relatively
small-to-moderate proportion of the variance [122].

Addressing the determinants of SCT, a significant positive effect of SI (β = 0.210,
t = 5.535, p < 0.001), RERs (β = 0.238, t = 5.462, p < 0.001), and SMIEs (β = 0.490, t = 12.097,
p < 0.001), on SCT has been found, thus supporting Hypotheses 6a, 8a, and 12a. On
the other hand, the direct effect of RARs on SCT was determined to be statistically non-
significant. Thus, hypothesis 10a was rejected. The effect size measurements revealed that
SI (f 2 = 0.085), RERs (f 2 = 0.103), and SMIEs (f 2 = 0.428) demonstrate a moderate to large
degree of explanatory power with respect to the R2 value of SCT [122].
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Table 4. Results of structural model (hypotheses).

Path Hypothesis Std. Beta (β) Std. Deviation t-Values p-Values Decision

PE −→ PI H1a 0.072 0.058 1.244 0.213 (NS) Rejected

EE −→ PI H2a 0.065 0.061 1.064 0.288 (NS) Rejected

FC −→ PI H3a 0.132 0.059 2.246 0.025 * Supported

HM −→ PI H4a 0.121 0.059 2.059 0.040 * Supported

SI −→ PI H5a 0.198 0.049 4.059 0.000 *** Supported

SI −→ SCT H6a 0.210 0.038 5.535 0.000 *** Supported

RERs −→ PI H7a 0.027 0.043 0.619 0.536 (NS) Rejected

RERs −→ SCT H8a 0.238 0.044 5.462 0.000 *** Supported

RARs −→ PI H9a 0.081 0.040 2.008 0.045 * Supported

RARs −→ SCT H10a 0.049 0.041 1.212 0.226 (NS) Rejected

SMIEs −→ PI H11a 0.296 0.051 5.764 0.000 *** Supported

SMIEs−→ SCT H12a 0.490 0.041 12.097 0.000 *** Supported

SMIEs −→ PB H13 0.247 0.049 5.033 0.000 *** Supported

SCT −→ PB H14 0.212 0.052 4.074 0.000 *** Supported

PI −→ PB H15 0.457 0.041 11.100 0.000 *** Supported

Control Variables

Age 0.100 0.063 1.590 0.112 (NS)

Gender −0.002 0.061 0.034 0.973 (NS)

SC Frequency −0.108 0.059 1.841 0.066 (NS)

Note: *** p < 0.001; * p < 0.05; NS = not significant.

With regard to the direct paths to PB, the analysis results indicated that SMIE (β = 0.247,
t = 5.033, p < 0.001), SCT (β = 0.212, t = 4.074, p < 0.001), and PI (β = 0.457, t = 11.100,
p < 0.001) all exert a significant and favorable impact on PB. Accordingly, Hypotheses 13,
14, and 15 were confirmed. The effect size measurements indicated that SCT (f 2 = 0.052)
and SMIEs (f 2 = 0.081) hold a moderate effect size, whereas PI (f 2 = 0.347) demonstrated a
large effect size [122].

It was determined that the control variables have no significant impact on PB. It must
be noted that the slight reduction in R2 values from 66.8% to 66.3% after removing the
control variables shows that these variables accounted for only the marginal variance
in customers’ Instagram-based purchasing behaviors. Table 4 provides an informative
overview of the results obtained from the path analysis in the current research.

The Q2 value, which is used to assess the predictive relevance [99], can be determined
using a blindfolding procedure [108]. The results of this research indicate that it holds a
strong predictive relevance for the variables, with Q2 values of 0.484, 0.632, and 0.525 for
PI, SCT, and PB, respectively [108]. Moreover, the R2 coefficients of PI (0.513), SCT (0.643),
and PB (0.668) were all found to be satisfactory [108]. Accordingly, this study’s model
has a robust ability to explain customers’ trust, intentions, and behaviors in the context of
purchasing organic food products through Instagram social commerce.

5.4. Mediation Effects

The mediation analysis procedure requires the following primary steps: evaluating the
significance and size of indirect effects and identifying the type of mediation effects [123].
In this research, the mediation roles of PI and SCT were evaluated by performing BCa
bootstrap estimation (5000 times) [108].

Addressing the indirect effects on PB through the mediating mechanism of PI, the
mediation analysis results revealed the significant and positive effects of FC (β = 0.060,
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t = 2.191, p < 0.05), HM (β = 0.055, t = 2.017, p < 0.05), SI (β = 0.091, t = 3.506, p < 0.001),
and SMIEs (β = 0.136, t = 5.422, p < 0.001). The 97.5% confidence intervals that were
bias-corrected for the indirect effects of FC (LL = 0.008, UL = 0.116), HM (LL = 0.005,
UL = 0.114), SI (LL = 0.044, UL = 0.147), and SMIEs (LL = 0.094, UL = 0.194) do not include
zero, indicating the existence of mediation effects [124]. These outcomes provide support
for the research Hypotheses 3b, 4b, 5b, and 11b. Nevertheless, the indirect effects of PE, EE,
RERs, and RARs on PB via the mediating function of PI have been found to be statistically
insignificant, leading to the rejection of Hypotheses 1b, 2b, 7b, and 9b. Considering the
significant direct influence of FC, HM, SI, and SMIEs on PI (see Table 4), the indirect effects
of these constructs on PB via PI’s mediating role could be described as complementary
partial mediation [108].

Regarding the indirect paths to PB via the mediating function of SCT, the mediation
analysis outcomes indicated the significant positive impacts of SI (β = 0.045, t = 3.092,
p < 0.01), RERs (β = 0.051, t = 3.233, p < 0.001), and SMIEs (β = 0.104, t = 3.807, p < 0.001). The
97.5% confidence intervals that were bias-corrected for the indirect effect of SI (LL = 0.020,
UL = 0.077), RERs (LL = 0.024, UL = 0.085), and SMIEs (LL = 0.053, UL = 0.158) do not
include zero, demonstrating the presence of the mediation effects [124]. These outcomes
provide support for Hypotheses 6b, 8b, and 12b. Furthermore, the indirect effect of RARs
on PB via SCT’s mediation role was found to be non-significant, which led to the rejection
of hypothesis 10b. Taking into account the significant direct positive impacts of SI, RERs,
and SMIEs on SCT (see Table 4), the indirect influence of these constructs on PB via the
mediating function of SCT can be characterized as being complementary partial mediation
effects [108]. Table 5 provides a summary of the mediation analysis results.

Table 5. Mediation effect on the structural model paths.

Path Hypothesis Std. Beta
(β)

Std.
Deviation

t-
Value p-Value

Confident
Interval (BC) Decision Mediation

EffectLL UL

PE −→ PI −→
PB H1b 0.033 0.026 1.243 0.214 (NS) −0.017 0.087 Rejected No Effect

EE −→ PI −→
PB H2b 0.030 0.028 1.074 0.283 (NS) −0.027 0.081 Rejected No Effect

FC −→ PI −→
PB H3b 0.060 0.028 2.191 0.028 * 0.008 0.116 Supported Partial

Mediation

HM −→ PI −→
PB H4b 0.055 0.027 2.017 0.044 * 0.005 0.114 Supported Partial

Mediation

SI −→ PI −→
PB H5b 0.091 0.026 3.506 0.000 *** 0.044 0.147 Supported Partial

Mediation

SI −→ SCT −→
PB H6b 0.045 0.014 3.092 0.002 ** 0.020 0.077 Supported Partial

Mediation

RERs −→ PI
−→ PB H7b 0.012 0.020 0.615 0.539 (NS) −0.025 0.053 Rejected No Effect

RERs −→ SCT
−→ PB H8b 0.051 0.016 3.233 0.001 *** 0.024 0.085 Supported Partial

Mediation

RARs −→ PI
−→ PB H9b 0.037 0.019 1.956 0.050 (NS) 0.001 0.075 Rejected No Effect

RARs −→ SCT
−→ PB H10b 0.010 0.009 1.155 0.248 (NS) −0.007 0.030 Rejected No Effect

SMIEs −→ PI
−→ PB H11b 0.136 0.025 5.422 0.000 *** 0.094 0.194 Supported Partial

Mediation

SMIEs −→ SCT
−→ PB H12b 0.104 0.027 3.807 0.000 *** 0.053 0.158 Supported Partial

Mediation

Note: *** p < 0.001; ** p < 0.01; * p < 0.05; NS = not significant.

6. Discussion of Key Findings

In relation to the UTAUT-2-based factors, the results of this research indicate that
facilitating conditions, hedonic motivations, and social influence all have a significant and
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positive impact on consumers’ purchase intentions, which in turn, indirectly influences
their purchase behaviors through the mediation role of purchase intention. The study’s
outcomes further demonstrate that social influence plays a significant and positive role in
boosting consumers’ social commerce trust, which in turn functions as a mediating factor
to indirectly affect consumers’ purchasing behaviors. This outcome is consistent with the
conclusions of earlier investigations that have been carried out in the context of social
commerce through social networking platforms [87,88].

Nevertheless, it was determined that neither the direct effects of performance or effort
expectancies on purchase intention nor their indirect effects on purchase behavior through
the purchase intention’s mediation role were statistically significant. These outcomes bring
up the question of why these influential constructs in the UTAUT-2 model did not have
any significant impact in the context of current investigation. One possible explanation for
the obtained results is that the impact of the UTAUT-2 components is subject to variation
depending on the specific conditions and populations under investigation [125]. For exam-
ple, effort expectation has had a substantial impact on social commerce customers in the
contexts of Sweden [126], France [127], Spain [128], and China [78], whereas its impact has
not been significant in some other research populations, such as Tunisia [129], Türkiye [130],
Indonesia [131], Vietnam [132], and Qatar [133]. In the scope of the current research, the
possible explanation for the insignificant effects performance and effort expectancies might
be that Instagram is the most popular social network site in Iran [134] and the preferred
platform for social commerce [48,135]. Given these circumstances, Iranian customers may
not prioritize the ease of use and social commerce performance of Instagram, as they are
already familiar with it and proficient in utilizing the platform’s commercial functionalities.

Concerning the social commerce constructs, it has been found that, in contrast to
recommendations and referrals, which had no significant effect on purchase intentions, the
influence of ratings and reviews on customers’ purchasing intention was determined to
be significant. On the other hand, customers’ social commerce trust is significantly and
favorably influenced by recommendations and referrals, whereas the impact of ratings and
reviews on customers’ social commerce trust was statistically insignificant. Furthermore,
the mediation analysis results indicated that recommendations and referrals have a sub-
stantial and positive impact on consumers’ purchasing behavior through the mediating
role of social commerce trust, whereas ratings and reviews did not have any significant
indirect effect on consumers’ purchasing behaviors. These finding are especially important
considering the fact that companies aim to gain a competitive edge by establishing effective
social commerce constructs early on, rather than allocating their limited resources evenly
across all components [136].

Based on these outcomes, recommendations and referrals from acquaintances are more
valuable to social commerce customers than reviews and ratings posted by anonymous
users. The potential cause for such an outcome could be the pervasive presence of mislead-
ing or deceptive ratings and reviews across online shopping platforms. Nowadays, people
can easily rate a business or leave reviews regarding their previous purchasing experiences
on various SNS thanks to the development of social networking technologies [84]. Mean-
while, countless companies are employing various methods for generating fake consumer
reviews and display ratings submitted by consumers higher than the actual ones to increase
the attractiveness or defame their competitors [137]. Online platforms’ comment sections
are becoming increasingly overloaded with false reviews, leading to customer mistrust
and uncertainty [138]. In such circumstances, recommendations from people they know
became more valuable to Instagram’s social commerce customers than reviews and ratings
posted by anonymous users.

In addition, the current research underscores the significance of influencer market-
ing, particularly through influencer endorsement mechanisms in the context of Instagram
social commerce. The findings of this study demonstrate that customers’ intentions to
purchase organic food products on Instagram and their social commerce trust are both
significantly impacted by influencer endorsement. These results are consistent with the
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findings of several earlier investigations [67,88]. Moreover, in accordance with Fakhreddin
and Foroudi [100], this study’s results revealed that the impact of influencer endorse-
ment on social commerce consumers’ purchasing behaviors is significant. The mediation
analysis outcomes further revealed that the indirect effects of influencer endorsement on
customers purchasing behaviors are statistically significant. Purchase intention and social
commerce trust acted as mediators for these indirect effects. This builds upon the findings
of Alotaibi et al. [112], which demonstrated that influencer marketing enhances customers’
trust in Instagram social commerce along with their intentions to make purchases using
the platform.

Moreover, in line with the findings of Zhao et al. [139], the current study’s results
demonstrate customers’ social commerce trust significantly affects customers’ behaviors
towards using this platform for the purpose of purchasing organic food products. These
findings expand on the conclusions of the research conducted by Liu et al. [140], which
stated that the customers’ trust in SC platforms plays a significant role in shaping their
purchase intentions.

Finally, in accordance with the findings of Mutambik et al. [141] and Vatanasakdakul
et al. [142], this study determined that a significant correlation exists between the customers’
behavioral intentions to use Instagram to purchase organic foods and their subsequent
actual purchasing behaviors.

7. Implications
7.1. Academic Implications

The academic implications of this study are three-fold. First of all, this study takes a
comprehensive approach to investigate consumers’ intentions and behaviors toward using
Instagram social commerce while taking into account the specific context of organic food
products, acknowledging that customers consider multiple characteristics of products and
platforms when making purchasing decisions. Thus, the results of this study have consid-
erable value for marketing scholars and serve as a great resource for future researchers
who want to investigate the online organic food sector. The application of social commerce
models, particularly within the organic food sector, could be improved by making reference
to this study.

Second, building upon prior UTAUT-2 developments in the SC context [143–145],
this study broadened the scope of the UTAUT-2 model through the incorporation of new
exogenous variables (social commerce constructs and influencer endorsement), presenting
a fresh perspective on behavioral intention (intention to purchase organic foods using
Instagram social commerce), and including a new concept of technology usage behavior
(the utilization of Instagram social commerce for purchasing organic foods). In addition, by
introducing trust as an additional mediating mechanism into the structure of the UTAUT-
2 model, this research addressed the gap in knowledge concerning consumers’ social
commerce behaviors [66], particularly in relation to the Instagram platform [146]. In
accordance with the findings of this research, social commerce trust, purchase intention,
and influencer endorsement significantly predict consumers’ purchase behaviors with
an R2 value equal to 66.8%. Accordingly, compared to the UTAUT-2, the developed
model made a significant improvement in the variance explained in individuals’ behaviors
(from 52% to 66.8%). Accordingly, the results obtained from this research provide fresh
perspectives on the UTAUT-2′s applicability, opening up new opportunities for further
social commerce studies.

Third, the reduction in the ‘intention–behavior gap’ is a significant concern in customer
behavior research, particularly as it pertains to customers’ organic foods purchasing behav-
iors [147,148]. The current paper, however, addressed this knowledge gap by illustrating
the critical significance of social media influencer endorsements in shaping customers’ pur-
chase intentions and behaviors, as well as mediating the intention–behavior relationship as
it relates to the usage of Instagram social commerce for purchasing organic food products.
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7.2. Practical Implications

Acquiring insights into consumers’ purchasing behaviors can have a substantial im-
pact on the marketing strategies of organic food businesses, which ultimately helps them
in achieving sustainable growth [25]. In today’s world of collaborative social networking,
where retailers and consumers have become increasingly reliant on social network plat-
forms [24,149], the outcomes of this study are expected to assist organic food businesses
in Iran and other developing countries through offering in-depth insights towards cus-
tomers’ organic foods purchasing intentions and behavior in the context of Instagram social
commerce, subsequently assisting them to optimize their marketing strategies.

The results of this study reveal that implementing the social commerce functionalities
that facilitate consumers’ purchasing procedures significantly and favorably affects their
intentions and behaviors regarding the use of Instagram to purchase organic food products.
In light of these findings, organic food businesses have to optimize the commercial layout of
their business pages on Instagram, either directly by leveraging the platform’s commercial
capabilities (e.g., Insta-Shop, checkout button, and taggable posts) or indirectly through a
third-party application program interface (API).

Furthermore, this study illustrated that recommendations and referrals directly and
positively affect customers’ trust in social commerce platforms, and indirectly affect their
purchase behaviors through the mediation roles of social commerce trust. Accordingly,
organic food businesses may encourage customers to recommend (e.g., sharing with their
peers) their products to other users. In addition, this research has demonstrated that social
media influencer endorsements, as a form of influencer marketing, have a substantial
and favorable effect on customers’ social commerce trust, their behavioral intentions, and
their actual usage of Instagram for the purpose of purchasing organic food products.
Hence, businesses can incorporate the findings of this study to enhance their social media
marketing strategies.

7.3. Social Implications

Organic food businesses operating in developing nations experience major challenges
when it comes to penetrating conventional retail markets [31]. The results of this research
will be beneficial for these companies to effectively market and sell their products through
Instagram social commerce. It has been observed that increased availability will lead
to a rise in the consumption of organic foods, which could ultimately be beneficial for
public health and environmental sustainability [150,151]. Thus, this study has the potential
to promote sustainability by facilitating the expansion of the organic food sector, which
would make a significant contribution to the sustainable development goals (SDGs) of
the United Nations, especially goal number twelve (SDG-12), which is related to fostering
environmentally friendly patterns of consumption and production [152].

8. Limitations and Future Research

Despite its significant theoretical and practical implications, this research has some
limitations. First of all, this study relies on the individuals’ self-reported data regarding
their technology usage behavior. Although a similar approach had been employed for
establishing the UTAUT-2 model, it would be ideal to assess the users using real-world
behavioral data (i.e., purchasing, rating, reviews, referrals, and so on). Moreover, this study
focused on the purchase intentions and behaviors of social commerce customers. This calls
for an additional investigation into the customer’s whole shopping journey, including their
post-purchase behaviors. Furthermore, the model developed for this research cannot be
generalized to all SNS (e.g., X, Facebook, and TikTok) or product categories (e.g., everyday
convenience goods, home appliances, fashion, electronics, and so on), given that each
platform and product category has its own distinctive characteristics and features [50].
Hence, future studies may be required to investigate other platforms and product classes.

It has been stated that cultural background exerts a greater influence on the percep-
tions and behaviors of customers when using social commerce technologies [153]. This
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research was carried out using a sample of Iranian Instagram users involved in social
commerce. Yet, the sample population’s limitations on generalization might be mitigated
in future studies by using samples from other nations and/or cultural contexts and per-
forming a cross-cultural analysis. The results of this study highlighted the substantial
value of influencer endorsements in the context of social commerce on social networking
platforms. Therefore, we suggest conducting additional studies in this direction in order
to determine the effectiveness of other influencer marketing strategies, such as influencer
affiliate marketing, influencer marketing campaigns, and guest blogging. In addition,
considering the fact that the mediating effects identified in this study have been categorized
as complementary partial effects, it is important to acknowledge the potential existence
of additional latent variables that may influence customers’ purchasing behavior in the
specific context of purchasing organic foods via the Instagram platform. This highlights
the need for future research to explore these possibilities.

Lastly, this study adopted a cross-sectional design, implying that data were gath-
ered at discrete points in time, thereby giving rise to concerns regarding the existence of
cause-and-effect relationships. Further research may therefore utilize longitudinal and/or
experimental methods.
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